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ABSTRACT 

While studies have argued for and found benefits from transacting with social affiliates, it remains unclear 
how and when they lead to inferior outcomes for professionals and consumers. Building on social and 
human capital theories, I argue that social affiliations in uncertain markets can lead to unanticipated 
downsides that reduce overall performance when human capital considerations are supplanted by an effort 
to avoid opportunism. I test my argument using a novel approach that pairs data from the Wasatch Front 
Regional Multiple Listing Service in Utah with hand-collected data on geographically assigned LDS 
(Mormon) congregation boundaries. This setting allows me to identify listings for which real estate agents 
and home sellers share a common church congregation affiliation, and to both independently and jointly 
explore the impact of social affiliations and human capital on transaction outcomes. I find that on average 
agents sell comparable homes for 2% more and 3.5 days quicker, as well as exert more care and effort 
through marketing, when listing for affiliates. However, consistent with my theory, I find that sellers are 
much more likely to use inexperienced agents or agents with poor fit (i.e., specialize primarily in buying 
homes) when affiliations are present. Such cases result in lower sale prices and reduced agent 
performance, suggesting a downside to social ties from human capital deficiencies. These results indicate 
a more nuanced view of social capital is needed that incorporates the selection process and the potential 
for poor fit in transactions.  
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Introduction   

In many service settings, such as healthcare, real estate, financial services, or legal services, consumers 

possess only incomplete information. Service professional performance is difficult to measure, even ex 

post, and monitoring is costly, resulting in high potential for opportunism. In such cases, scholars have 

found that consumers often prefer transacting with socially-affiliated professionals (DiMaggio & Louch 

1998), as this reduces potential for opportunism through social mechanisms and common identity. 

However, it remains unclear how such affiliations impact transaction outcomes for consumers, service 

professionals, and firms. While some scholars have found benefits from affiliations (Greif 1993; Uzzi & 

Lancaster 2004; Lancaster & Uzzi 2012), others have found negative effects (Geertz 1963; Portes 2014; 

Yenkey 2015). Consequently, it remains unclear when social affiliations from formal institutions 

positively impact transactions and professional performance, and when they lead to negative outcomes.  

The United States economy is increasingly shifting toward industries that rely on service 

professionals and knowledge workers (Drucker 2007). Service industries comprise 68 percent of US GDP 

and 80 percent of US jobs (USTR 2014). Key to firms competing in such industries is utilizing valuable 

human and social capital embodied in employees who function as service professionals (e.g., Campbell et 

al. 2012; Coff 1997; Hitt et al. 2001; Huckman & Pisano 2006). While substantial evidence suggests that 

both human and social capital are positively related to transaction outcomes and individual performance, 

it remains unclear how they combine to influence transaction outcomes in uncertain markets (Byun, Frake, 

and Agarwal 2016; Mawdsley & Somaya 2016). While affiliations may allow professionals to reduce 

costs and improve performance through increased information and trust (Coleman 1988; Greif 1993; 

DiMaggio & Louch 1998), they may also cause professionals to work outside their areas of expertise, 

which reduces returns to human capital investments. Thus, further work is needed to understand how 

social capital influences the value and use of human capital embodied in professionals, and how this 

impacts outcomes for professionals and firms (Mawdsley & Somaya 2016).  

In this paper I argue that social affiliations, which stem from common membership in formal 

social institutions such as churches or clubs, on average, positively impact service transaction outcomes 
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for consumers and professionals. Drawing on social capital theory, I argue that these benefits stem from 

increased trust, improved information flows, and increased potential for coordination in transactions. This 

jointly benefits consumers and professionals by reducing transaction costs and enabling strategies that 

otherwise are unavailable because of conflicts of interest or potential for opportunism.  

However, I argue that social affiliations can also have an unanticipated and underexplored dark 

side. Drawing on human capital theory, I argue that affiliations often lead to a distinct professional-

selection process by consumers that results in inferior outcomes. When information is incomplete, and the 

potential for opportunism high, consumers choose to transact with socially-affiliated professionals—

regardless of their experience level or fit—purely in an effort to mitigate potential losses from 

opportunism. This results in consumers transacting with more inexperienced professionals or 

professionals who are otherwise a poor fit (e.g., using an orthodontist to fill cavities), which in turn leads 

to negative outcomes. I thus extend current theory by arguing that social affiliations can lead to inferior 

outcomes for consumers, and decreased performance for professionals and firms, when the professional is 

ill-equipped to succeed in the transaction. However, such transactions occur, and increase in incidence, 

because of affiliations and market uncertainty. 

I test my theory and arguments by pairing rich transactional real estate data from the Wasatch 

Front Regional Multiple Listing Service (MLS) with novel data on religious congregation boundaries in 

Utah County, Utah from 1998 to 2014. In Utah County, nearly 90 percent of the approximately half-

million residents report belonging to the Church of Jesus Christ of Latter-day Saints, also called the 

Mormon Church (ASARB 2010). This church geographically assigns each home to a congregation, which 

church members are required to attend. By collecting a panel of congregation boundaries, as well as home 

addresses for real estate listing agents and homes being sold, I identify listings for which agents and home 

sellers share a common social affiliation through the formal social structure of the church congregation. I 

then investigate the impact of affiliations on 1) agent effort and performance in transactions, including 

final selling price, probability of sale, and time on market, 2) agent flexibility and use of coordination 
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strategies in transactions such as dual agency, 3) agent level of experience and fit in the transaction, and 4) 

transaction performance after interacting affiliation with agent experience and fit. 

My results suggest that, on average, sellers and agents benefit in transactions when social 

affiliations are present. Agents list and sell comparable homes for two percent (~$4015) more when 

listing for affiliates, and do so without increasing days on market or decreasing probability of sale. 

Moreover, I find evidence suggesting agents exert more effort marketing affiliate homes, and that 

affiliations provide additional flexibility and access to coordination strategies in transactions, which 

improve outcomes. I find agents are 15 percent more likely to function as dual agents when listing for 

affiliates, where they represent both the seller and buyer. This allows agents to reduce costs and earn 

larger commissions, but also benefits agents through convenience and shorter time on market. Taken 

together these results imply significant performance gains from affiliations. All effects increase in 

magnitude with affiliation strength, and disappear with unexpected changes to congregation boundaries.  

More surprisingly, however, I also find evidence suggesting social affiliations can have 

unexpected downsides from human capital deficiencies. My results suggest consumers use less 

experienced and more ill-fitting agents when affiliations are present: Sellers use agents who have listed 35 

fewer homes on average, and use agents that specialize in buying ~7.5 percent more often. In such 

instances I find that agent performance is significantly lower compared to using a more experienced or 

better-fitting affiliated agent. Strikingly, my results suggest that performance in these cases is inferior 

compared to not using an affiliated agent, revealing a dark side of affiliations. Thus, while social 

affiliations provide benefits to consumers, professionals, and firms on average, these benefits disappear or 

turn negative when fit is poor or professionals are inexperienced.  

This study has important theoretical implications, and suggests a more nuanced view of social 

capital that incorporates human capital considerations. While social capital may influence transaction 

costs and support transactions through trust and information benefits, it does not necessarily lead to high 

transaction performance that benefits consumers and service professionals. This paper suggests social ties 

can lead to human capital deficiencies in service transactions, which result in inferior outcomes and lower 
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professional performance. This is the first study, to my knowledge, to show these social capital downsides 

from human capital. The results imply that human capital acts as a complementary resource to social 

capital, and that future work should focus on the boundary conditions imposed on the value of social 

capital from existing human capital resources.   

This paper likewise provides practical contributions by highlighting how social and human capital 

combine to influence service professional performance in uncertain markets. While service industries and 

knowledge workers are increasingly important in the modern economy, relatively few studies have 

addressed how firms compete in such industries through individuals, and which individual and firm-level 

resources augur success. This study suggests additional micro-macro work on the value of human and 

social capital in service settings, and how these resources aggregate to influence firm-level performance 

(e.g., Ployhart and Moliterno 2011; Barney and Felin 2013), is a fruitful area for future research.  

Theoretical Motivation 

This study builds on and extends work in the social and human capital literatures. I first focus on the 

theorized benefits of social affiliations stemming from increased trust, information, and effort and argue 

that affiliations will improve service professional performance in transactions, on average, which also 

benefits consumers. I then focus on an important underexplored boundary condition driven by human 

capital considerations. I argue that affiliations can lead to negative transaction outcomes for consumers 

and professionals when service professionals are inexperienced or fit is poor. Moreover, I highlight why 

such human capital deficiencies are more likely in uncertain markets when social affiliations are present. 

This extension to theory highlights an unintended consequence of social affiliations that is driven by the 

uncertainty of the market and the potential for opportunism, which results in inferior transaction outcomes 

for consumers, professionals, and firms.  

Affiliations Improve Professional Performance and Transaction Outcomes 

In this study I define social affiliations as connections arising from common memberships in formal 

social institutions that are external to the firm and the economic transaction. Examples of such institutions 
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include religious groups, schools, alumni organizations, the military, clubs, corporations, charitable 

organizations, labor unions, cultural groups, and professional associations. The literature on social capital 

has long argued that such social connections influence individual decision-making, and that social 

structures impact economic transactions (Granovetter 1985; Portes 1998; Granovetter 2005). 

Psychologists, similarly, have long argued that social identities, bred of social affiliations, significantly 

impact individual behaviors (Sherif et al. 1961; Tajfel et al. 1971; Falk & Zehnder 2007). While the 

majority of theory suggests positive benefits from social affiliations, empirical evidence remains mixed, 

with some studies finding positive outcomes (Ben-Porath 1980; Greif 1993; Uzzi & Lancaster 2004; 

Bandiera et al. 2005) and others negative outcomes (Geertz 1963; Portes 2014; Yenkey 2015). 

There are three primary mechanisms through which I expect social affiliations to impact 

transaction outcomes for professionals and consumers in uncertain markets. First, social structures 

facilitate the flow of information between affiliates, resulting in information advantages in transactions 

(Coleman 1988; Krackhardt & Hanson 1993; Uzzi 1997; Reagans & McEvily 2003; Granovetter 2005). 

This includes the quantity of information transferred, as well as its quality. Affiliations also aid in the 

transfer of private or tacit information. This comes both from increased observation and interaction, 

which are more frequent in social structures, as well as from increased knowledge sharing under weaker 

concerns of opportunism. Such information benefits can decrease transaction costs and improve 

coordination in transactions. 

Second, social affiliations create solidarity benefits and increased trust between consumers and 

professionals. These benefits arise either from common identity and in-group preferences (e.g., Tajfel et 

al. 1971; Billig & Tajfel 1973; Ashforth & Mael 1989) or from shared expectations, norms, and 

obligations supported by the social structure (Granovetter 1985; Coleman 1988; Arrow 2000; Adler & 

Kwon 2002). Both sources lead to increased levels of confidence, trust, goodwill and reciprocity. The 

social system of reward and punishment, as well as social and in-group preferences facilitated by the 

affiliation, support these benefits. Solidarity benefits result in more efficient transactions and decreased 

transaction costs (Ben-Porath 1980; Greif 1993; Uzzi 1999; Dyer & Chu 2003; Uzzi & Lancaster 2004).  
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Finally, transacting with social affiliates leads to increased care and effort from service 

professionals and consumers in transactions. This stems from external sources, such as shared 

expectations, norms, and obligations, as each party seeks to fulfill their obligations and avoid reputational 

losses or social punishments. Similarly, internal pressures from social preferences (e.g., Charness & 

Rabin 2002) as well as in-group preferences (Tajfel et al. 1971; Billig & Tajfel 1973) provide incentives 

for each party to increase care and effort. While such factors result in increased effort from professionals, 

they also spur consumers to deal fairly with professionals and fulfill their obligations, which may further 

increase professional motivation and effort.  

Taken together, I expect these mechanisms will lead to improved professional performance in 

transactions with affiliated consumers in uncertain markets. Moreover, all else equal, they will lead to 

improved transaction outcomes that benefit consumers and firms. These improvements stem both from 

lowering transaction costs as well as from increasing revenues through improved communication, 

coordination, and information sharing. For instance, trust and improved coordination can increase 

revenues by enabling strategies that typically require safeguards, such as detailed contracts or intensive 

monitoring, due to the risk of opportunism (Uzzi 1999; Dyer & Chu 2003). This increases flexibility in 

the transaction, and allows professionals and consumers to use additional value-creating strategies, or to 

collude to appropriate value from other parties in the transaction. My first hypotheses follow: 

H1(a): Service professionals will improve performance in transactions with socially-affiliated 

clients, compared to transactions with non-affiliated clients. 

H1(b): Consumers will benefit in transactions with socially-affiliated professionals, compared to 

transactions with non-affiliated professionals. 

These hypotheses suggest that improved information, solidarity benefits, and increased effort will 

lead to value creation in transactions when affiliations are present. This stems both from better 

professional performance, ceteris paribus, as well as from increased access to coordination strategies. 

Such performance benefits result in positive outcomes for consumers, service professionals, and firms.  

Extending Theory: Human Capital Deficiencies and the Unexpected Downside of Affiliations 
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Market Uncertainty Leads to Increased Reliance on Social Affiliations 

While on average, social affiliations lead to benefits in transactions for professionals and consumers, I 

argue that understanding the selection process underlying the decision to use a socially-affiliated 

professional is important and hitherto underexplored. When professionals can be monitored or evaluated 

on their performance, and information is readily available to consumers about past performance, previous 

work suggests that consumers will use this information in selecting a service professional. In such cases, 

scholars have found that reputation (e.g., Shapiro 1983; Fombrun & Shanley 1990; Fombrun 1996) and 

status (Podolny 1993; Benjamin & Podolny 1999) positively impact consumer choice. Consequently, 

professionals that have performed well in the past are rewarded with future business.  

When uncertainty is high and professionals are difficult to monitor and evaluate, however, 

reputation and status provide only noisy signals about service professional quality, and may not resolve 

consumer concerns about opportunism and moral hazard. For instance, it may be the case that 

professionals attained their high status through taking advantage of consumers. Because information is 

incomplete, it is difficult to assess the extent to which professionals have behaved responsibly, as well as 

their commitment to behaving responsibly in the future. In such cases, consumers may choose to rely on 

social affiliations, instead of experience, reputation, or status, as the social structure places increased 

pressure on professionals to behave more responsibly and eschew opportunistic behaviors (e.g., 

DiMaggio & Louch 1998). Moreover, the social structure aids in the transmission of information, 

resulting in increased knowledge sharing and allowing consumers to better monitor professionals. Thus, 

socially affiliated professionals are chosen not based on their previous experience, reputation, or status, 

but because of the presence of the affiliation and the safeguards it implies. 

While such a selection process may reduce risk of opportunism and moral hazard by professionals, 

it can lead to consumers using professionals that are less experienced, or that do not have a high level of 

fit in the transaction. This may occur, for instance, if a consumer uses a socially affiliated copyright 

attorney to help them resolve a legal tax issue, or a socially affiliated financial adviser that specializes in 

high wealth individuals to give insight into low-income specific tax benefits. In such cases, consumers 
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depend on the social affiliation to resolve the risk of opportunism, but consequently overlook human 

capital factors that are typically considered, such as fit or experience. A related stream of work in ethics 

and criminology supports this argument, finding that transacting with affiliates results in consumers doing 

less due diligence (Fairfax 2001; NASAA 2001; Baker & Faulkner 2004; Yenkey 2015). 

This selection process results in consumers weighing heterogeneous human capital, embodied in 

service professionals, more equally, as they over-rely on social affiliations in an attempt to avoid 

opportunism. Because the distribution of experience in service industries is often skewed to the right, 

given competition and free entry/exit, affiliations result in consumers using more inexperienced or ill-

fitting professionals, compared to when affiliations are absent and consumers select professionals using 

human capital or performance proxies. This leads to my second hypothesis: 

H2: Consumers are more likely to use inexperienced or poor fitting service professionals when 

social affiliations are present.  

Unexplored Downsides of Affiliations from Human Capital Deficiencies 

The professional selection process in uncertain markets implies a new avenue through which affiliations 

can have unexpected downsides. While scholars, particularly recently, have investigated negatives from 

social connections (e.g., Portes 2014; Yenkey 2015), the downsides of social capital have received 

significantly less attention than the upsides (see Adler & Kwon 2002 for a review). This is perhaps 

striking, however, given the increased potential for malfeasance implied by social connections and 

assumed trust (Granovetter 1985), as well as the potential negatives inherent from social obligations and 

preferences (Uzzi 1997; Bandiera et al. 2005). While it is clear from previous work that social 

connections can lead to negative transaction outcomes, such as through malfeasance or over-

embeddedness, there remains limited work on the mechanisms through which downsides may occur.   

 I argue that there is an additional underexplored mechanism, implied by social capital theory, 

through which social affiliations can lead to lower performance in transactions. This stems from the 

selection process, and is driven by lower levels of human capital in the transaction. Human capital refers 
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to the knowledge, skills, and abilities of individuals; numerous studies have found positive correlations 

between human capital variables and performance (Becker 1964; Rosen 1983; Hitt et al. 2001; Crook et al. 

2011). For service professionals, human capital is directly influenced by the overall degree of professional 

experience, as well as by the applicability of knowledge and skills to the transaction (e.g., Huckman and 

Pisano 2006), which I consider as reflecting fit.  

When consumers rely on social affiliations to avoid opportunism, they may unwittingly 

underemphasize the value of human capital in the transaction. Yet, human capital variables—such as 

professional experience and fit—directly impact professional performance. Thus, affiliations can 

inadvertently result in consumers transacting with human capital deficient professionals, which results in 

inferior transaction outcomes. More strikingly, the outcome from using an affiliated professional with 

deficient human capital can be even lower compared to not using an affiliated professional, if the 

affiliation blinds the consumer to important human-capital related factors in the transaction. Thus, in 

human capital intensive industries where knowledge workers are critical to transaction outcomes, 

affiliations can lead to negative outcomes for consumers through human capital deficiencies.  

H3(a): Consumers will experience negative outcomes in transactions with socially-affiliated 

professionals when professionals are inexperienced or transaction fit is low. 

Finally, this selection process can also lead to negative performance outcomes in transactions for 

professionals, compared to transacting with non-affiliated consumers. This stems from consumers 

choosing professionals with poor human capital fit in transactions, and the resultant inefficiencies from 

diseconomies of scale and working outside of professional specialization. In knowledge intensive 

industries, human capital specialization provides transaction benefits to professionals by reducing costs 

and increasing returns to effort (Rosen 1983; Becker 1985). However, affiliations can cause professionals 

to work outside of their area of expertise, or to participate in transactions where they are ill-equipped to 

succeed, resulting in inferior performance on the transaction.  
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While low levels of human capital suggest decreased transaction performance for professionals, 

social affiliations impose external and internal pressures for them to engage in such transactions. 

Granovetter (1985) argued that the same social factors that create trust also necessarily impose obligations, 

which reduce flexibility as professionals seek to maintain social reputation and avoid social punishments. 

Similarly, the literatures on social preferences and parochialism/in-group preferences suggest that 

affiliated professionals will be more likely to act in ways that benefit affiliates, and such preferences have 

been shown to be activated by social relationships (Bandiera et al. 2005; Bandiera et al. 2009), especially 

when there is potential for inequity in monetary outcomes (Fehr & Schmidt 1999; Bolton & Ockenfels 

2000; Charness & Rabin 2002). In the face of these external and internal pressures, I expect professionals 

will engage in transactions with affiliates for which they have poor human capital fit, or where they are 

ill-equipped to succeed, even if it portends worse returns than in transactions where they have higher 

levels of fit. My final hypothesis follows: 

H3(b): Service professional performance will be lower in transactions with socially-affiliated 

clients when transaction fit is low 

Empirical Setting 

The setting for this study is the residential real estate industry, an economically significant and labor 

intensive industry in the United States that employs over one million service professionals and is roughly 

equal in size to the brand name pharmaceutical industry, the hotel and motels industry, and the single-

location full service restaurants industry (IBISWorld 2014). At the core of this industry is the real estate 

transaction. This paper focuses on the listing side where listing agents assist sellers in selling a home.  

Because of uncertainty and inexperience, consumers rely on listing agents to assist them in selling 

their home. Listing agent services include devising a selling strategy, posting the home on the MLS, 

marketing and finding buyers, staging and managing showings, negotiating offers, and completing 

contracts and other paperwork. For their services, listing agents receive a fixed commission, typically 6 

percent of the home selling price, which is then split with the buyer’s agent. Because agents are legally 

required to be employed by a brokerage, listing agents also split commissions with their brokerages.  
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Brokerages compete primarily on labor: profit is directly related to agent performance. There is 

low cost to hiring or firing agents, although attracting and retaining high quality agents is critical to 

brokerage performance. Financial incentives are typically aligned between brokerages and listing agents, 

resulting in few problems of moral hazard from financial incentives.  

The primary tool used by agents to list and find homes is the locally owned and managed 

Multiple Listing Service (MLS). Data for this paper originate from the Wasatch Front Regional Multiple 

Listing Service (WFRMLS), which maintains a database of current and previously sold properties along 

the Utah Wasatch Front. This database is available only to agents and includes a wealth of information on 

properties and transactions. Much of the information stored remains private and is not shared with 

government agencies or third party companies. To gain access to the MLS, agents pay a subscription fee. 

The MLS terms of use prohibit members from sharing logins as well as confidential information about 

homes, historic sales, and other agents. Consequently, access to the MLS provides agents significant 

information advantages over clients. Moreover, lack of access to historic data makes ex post evaluation of 

agent performance by clients difficult. 

Formal Social Structure in Utah: LDS Congregation Boundaries 

I focus on the real estate market in Utah County, Utah to take advantage of a setting where the social 

structure is significantly influenced by a single formal social institution. Of the 516,564 Utah County 

residents (114,350 families/148,350 housing units) reported in the 2010 US Census (American FactFinder 

2010), ~89 percent report being members of the LDS (Mormon) church (ASARB 2010). The LDS church 

assigns congregations geographically, and congregations significantly influence the social structure in 

Utah. Members attend weekly meetings and activities with a congregation, called a “ward.” Multiple 

geographically proximate wards are assigned to a larger unit, called a “stake,” where members meet 

together less frequently. As of March 2014, there were 147 stakes in Utah County and 961 wards. The 

average ward has ~450 members, 118 families, and 154 housing units; The average stake has ~7 wards.  

Each house in Utah County is assigned to an LDS ward and stake based on its geographic 

location. With few exceptions, homes are assigned to a single ward and stake, and members are required 
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to attend their assigned congregation.1 Indeed, to enter LDS temples, which play a significant role in LDS 

worship (LDS Church 2014), members must regularly attend their assigned ward. In rare instances, 

church responsibilities cause members to temporarily attend different wards. 

Ward and stake boundaries are comprised of a set of houses in a geographic area. Figure 1 shows 

boundaries for a representative stake in Utah County with seven wards. Because of the high density of 

LDS church members in Utah County, ward boundaries are small and typically do not line up with 

neighborhood boundaries. The average stake in Orem, Utah, for instance, covers less than one square mile; 

and each stake contains on average seven wards. Consequently, it is quite common for neighborhoods to 

be shared between two or three wards, and perhaps bridge stakes. Thus, most homeowners in Utah 

County have many geographically proximate neighbors with similar homes and socio-demographic 

backgrounds, but who are members of different wards or stakes.  

***** INSERT FIGURE 1 HERE ***** 

Friendships and social interactions in Utah are directly influenced by congregation boundaries. 

Table A1 (Appendix) contains a list of typical weekly and monthly activities church members engage in 

at the ward and stake levels. Given the large number of church events, church members often feel there is 

little time remaining for friendships outside congregation boundaries.2 The LDS Church also employs a 

lay ministry, and each member is given a responsibility or job in the congregation. Examples include 

bishop, financial clerk, nursery teacher, sports director, and scoutmaster. These jobs often require a 

significant amount of time and facilitate high levels of interaction between individuals. For instance, 

Scoutmasters take youth on monthly overnight campouts, hold weekly activities, and visit parents to 

discuss youth needs. Bishops and stake presidents assign responsibilities, which may change at any time.  

The significance of congregation boundaries to social interactions is most keenly observed when 

they change. Boundaries occasionally change unexpectedly due to growth or to rebalance units. When 

boundaries shift, it is quite common for members to lament the “loss” of friendships. While individuals 

                                                
1 In some cases, homes are assigned to multiple wards. Examples include wards designed for single individuals (“singles wards”), 
newly married student couples (“student married wards”), or specific ethnic groups (e.g., “Spanish wards” or “Tongan wards”).  
2 The observations in this section are based on informal interviews and discussions between the author and church members. 
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have not moved geographic location, the limited time church members have to maintain relationships 

outside their congregation significantly affects future interactions. Discussions with church members 

revealed the importance of these boundaries to interaction. One member stated he barely knew his 

neighbors across the street, as they attend a different stake. Another noted that their neighbor three doors 

down “might as well be in another universe,” as they are in a different stake. 

This setting has important benefits for addressing my research questions. First, the church 

congregations in Utah comprise the primary social structure within which real estate transactions occur. 

These congregations are determined geographically and may change unexpectedly. Consequently, I can 

identify social affiliations using home addresses, while controlling for geographic distance. While still not 

completely random, geographic boundaries help alleviate empirical concerns that stem from the tendency 

of individuals to affiliate with similar others (Mouw 2006). Second, agent productivity on transactions is 

observed over time, and the link between agent choices, productivity, and firm performance is clear. 

Third, human capital variables, such as experience or fit, are easily measured over time. Finally, strength 

of affiliation varies between wards and stakes, allowing me to investigate the impact of affiliation strength.  

DATA 

The data for this study originate from numerous sources. The core dataset is from the Wasatch Front 

Regional Multiple Listing Services (WFRMLS) in Utah, and contains data on all MLS-listed residential 

properties in Utah County from 1995 to 2014. WFRMLS is the sole MLS operating in Utah County, and 

the largest MLS in the state. Most Utah agents rely on this service, and at any given time there are around 

3,000 active listings in Utah County. Listing in the WFRMLS is restricted to broker-subscribers, as well 

as their agents and assistants. Home listings are required to be entered into the MLS within 5 days of 

listing agreements, and information on sold houses, including sold price, is required to be updated within 

10 days of closing. WFRMLS requires agents to do their due diligence when entering information, and 

incomplete or inaccurate information can result in fines or penalties.  

 The MLS database includes transaction-level data. Each listing contains data on housing 

characteristics (e.g., street address, square footage, number of bedrooms), important dates (e.g., listing 
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date, sold date, under contract date), relevant brokerage and agent identities (listing agent, buyer agent, 

and brokerage identities), price information (e.g., original listing price, final listing price, final sales price), 

owner information (e.g., agent-owned, bank-owned), show instructions, listing contract terms (e.g., 

commission offered, short sale indicator), and sold terms (e.g., type of loan). The data also include public 

and confidential comments that describe the condition of the property. Following Levitt and Syverson 

(2008), I analyze the public comments text to construct 81 dummy variables that control for house quality 

and differences unobserved in other MLS variables. Table A2 (Appendix) presents these variables, 

including their summary statistics.  

I additionally collected data from other sources. First, I purchased license data from the Utah 

Division of Real Estate. These data contain agent license information, including home addresses. Second, 

I merged in property data from the County Assessor and Recorder offices. Finally, I added census 

geographic data using Google’s API and the Census Bureau’s geocoding service. This allowed me to 

record longitude and latitude for many homes in my dataset, as well as census block and tract identifiers.  

LDS Church Boundary Data 

Because LDS congregation boundary data were unavailable continuously throughout my sample period, I 

obtained boundary data for every property in Utah County at two points in time. This was done using 

publically available congregation boundary records.3 I collected data for 2014 ward and stake assignments 

and paired these with 2008 data collected using a similar procedure (see Gathright 2010). While not 

continuous, these discrete snapshots allow me to identify church ward and stake assignments for the 

majority of homes in Utah County for 2007 to 2014. I link these data with hand-collected dates on stake 

creations and boundary changes to construct a panel of congregation boundaries for 1998-2014. 

 Real estate agent congregation boundaries were identified using home addresses. Each agent is 

required to provide a permanent mailing address to be licensed in Utah. When address changes occur 

agents must update their address within 14 days. Interviews with license personnel suggested most agents 

provide home addresses, although some agents provide office addresses. To minimize problems of agents 
                                                
3 These data can be accessed individually through the meetinghouse locator on www.lds.org. 
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reporting office addresses, I exclude addresses from my analyses that include names of major roads that 

are zoned for commercial purposes (e.g., State Street, Main Street, Center Street), or that reference a suite 

number. However, including these addresses does not significantly impact my results.  

Data Cleaning Process 

I follow other major studies (e.g., Levitt and Syverson 2008) using real estate data in cleaning and 

preparing the data for analysis. First, I restrict my sample by excluding the top and bottom one percent of 

observations in terms of original list price.4 This removes homes that originally listed for more than 

$1,149,000 or for less than $60,000. I also restrict my analyses to homes that were on the market for less 

than two years, and more than zero days. This dropped approximately 1152 observations from my sample. 

Restricting my data in these ways removes outliers, such as luxury homes or uncommon short sales that 

are difficult to sell, and allows me to investigate common real estate transactions. Additionally, I excluded 

63 homes that sold for greater than one and a half the original or final list price of the home, or that sold 

for less than a quarter of the original or final list price, as these appeared to be errors. Including these 

observations does not significantly impact my results. Finally, following Levitt and Syverson (2008), I 

also excluded homes that reported the total number of bedrooms, bathrooms, or kitchens as zero. This 

dropped a total of 5577 observations from my sample. This cleaning procedure left me with a total of 

80,774 home listings and 40,151 sold listings with social affiliation information.  

It is important to note that while my data have unique strengths, they also have limitations. First, 

to match up the various datasets I had to rely on home addresses or tax ID numbers. In some cases, tax ID 

numbers were not included in the listing, and addresses did not match up. Second, I do not observe when 

agents move residences. The license data only include current addresses. Consequently, I may be 

incorrectly specifying current congregation boundaries for agents that move. Third, the congregation 

boundary data only include two snapshots of boundaries for homes in Utah County, and not a full panel of 

boundary changes. These two snapshots, in conjunction with boundary change dates, allow me to identify 

congregation boundaries and boundary changes for many homes in the sample. However, if multiple 
                                                
4 Results are similar when dropping the top and bottom 1% of sold price. 
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boundary changes occurred between 2008 and 2014, or the stake split multiple times before 2008, it is 

impossible to reliably track boundaries. In such instances, boundaries had to be coded as missing. Finally, 

I am unable to identify church membership in my sample. While 90 percent of Utah County residents 

report being members of the church (ASARB 2010), my data do not include membership data. 

Methods 

Dependent Variables 

Transaction performance: Final home sale price, time on market, and probability of sale are the primary 

metrics used to evaluate real estate transaction performance. While both sellers and listing agents have 

incentives to maximize sale price, agents, in particular, also have strong incentives to quickly turn 

inventory (Rutherford et al. 2005; Levitt & Syverson 2008). Thus, understanding overall transaction 

performance requires evaluating final sale price, time on market, and probability of sale.  

The first dependent variable used is the natural log of final home sale price. This reflects the price 

paid by the buyer to purchase the home, and higher values benefit sellers and agents. Agents influence 

price through many mechanisms, including advising sellers on the initial listing price for the home and 

negotiating on behalf of the seller. I construct two related variables. The first is called sale price to 

original list price, and captures the difference between the final sale price and the original list price of the 

home. The second variable compares the final sale price to the predicted sale price of the home. To 

estimate the predicted sale price, I regress the log of sale price on home observables, quality controls, 

transaction controls (short sale dummy and percentage of sold concessions), time controls (sold year and 

month dummies, as well as their interactions), and geographic controls. The R2 value on this regression is 

0.87. I then constructed the final variable by dividing the actual final sale price by the predicted selling 

price, winsorized to 2.58 standard deviations above and below the mean (top and bottom one half of one 

percent). This variable measures the sold price premium: A value of one implies that the sale price is 

equal to the predicted sale price; values below one indicate underpricing.  
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The second dependent variable captures time on market. There is typically a positive correlation 

between days on market and the sold price premium. I measure time on market as the number of days 

between listing and closing. Fewer days on market reduces agent costs and benefits home sellers.  

 Finally, I construct a dummy variable which takes the value of one if a home is sold. Sellers and 

agents typically enter into listing agreements, which give agents right to commissions if a home sells 

during a specific time period (typically 180 days). Listing agreements protect agent-marketing 

investments and provide a reasonable period to sell the home. If sellers want to change agents, the home 

can be relisted after the listing agreement expires.  

Agent effort: In this setting, agents increase care and effort in transactions through marketing. I measure 

agent effort using the MLS instructions that listing agents leave for buyer agents about the procedure for 

showing a home. This may include instructions for accessing the home through a key box or electronic 

keypad, or instructions for scheduling an appointment. If the home is vacant agents often place a key box 

and note the key box code in the confidential listing comments. While this allows buyer agents to easily 

show the home, it does not permit listing agents to actively manage and follow up on showings. 

Alternatively, agents may require calls to schedule an appointment. This increases agent control over 

showings and provides opportunities for valuable feedback, such as client reactions to the list price or 

other characteristics of the home. If the home is occupied, appointments are required. In these cases, 

listing agents may instruct buyers to call the owner directly to set an appointment or to call the listing 

agent. When agents request buyers call them directly, they are able to manage showings and ensure that 

the home is ready to be shown. Thus, using only a key box implies low agent effort, and requiring 

appointments through the agent high effort.  

Coordination strategies: The last dependent variable, dual agency, captures the use of coordination 

strategies in the transaction. Dual agency arises when a single agent represents both the buyer and the 

seller in a transaction. Firms and agents thereby increase revenues by capturing both sides of the 

commission. Dual agency may also lead to coordination and efficiency benefits for buyers and sellers 
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such as through facilitating information exchange, decreasing time on market, or aiding the seller-buyer 

matching process (e.g., Brastow & Waller 2013).  

Dual agency is often avoided by consumers because of potential conflicts of interest. Listing 

agents have fiduciary responsibility to sellers, who are seeking to maximize sale price; and buyer agents 

have fiduciary responsibility to buyers, who are seeking to minimize it. When an agent represents both 

parties, it is impossible for them to act with fiduciary responsibility to both parties. Moreover, dual 

agency creates incentives for agents to sell homes at too high a price, as they are compensated by sellers, 

or to lower prices to increase potential for dual agency deals with existing buyers. Consequently, clients 

may refuse dual agency deals, and most states have laws requiring conflict of interest disclosures.  

Independent Variables 

Social capital measure: To measure social capital I define affiliation to take the value of one if a listing 

agent shares the same ward or stake as the seller. In robustness checks, I split this variable to only take the 

value of one if an agent/seller share the same ward, and one if an agent/seller share the same stake.  

Human capital measures: I measure human capital continuously using agent experience and transaction 

fit. Agent experience is defined as the number of homes an agent has helped consumers sell or buy at the 

time of the transaction. Fit is defined by dividing the number of transactions where the agent was 

previously a buyer’s agent by the total number of transactions that agent has completed. If the majority of 

transactions to date have been as a buyer’s agent, the variable buyer agent takes the value of one. To 

allow burn-in, I code buyer agent as missing until an agent has bought/sold five homes. In robustness 

checks, I also use the continuous ratio variable to measure fit, although the specifications presented use a 

dummy variable to aid in interpretation. If buyer agent takes the value of one, I classify this as poor 

transaction fit, as agents that specialize in the buy side are being hired by sellers to sell their home. Table 

1 presents descriptive statistics for the dependent and independent variables. 

Control Variables 
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Finally, as outlined in Table 2, I use a large number of variables to control for home quality and 

characteristics, transaction characteristics, time effects, and geographic effects. The final column of Table 

2 presents a regression of the log of home sale price on the control variables.  

***** INSERT TABLES 1 AND 2 HERE ***** 

Empirical Specification 

To investigate the impact of social affiliations and agent human capital on real estate transaction 

outcomes, I use two primary specifications. The first is the following within-agent specification: 

Yih = αi + β1*Xh + β2*Affiliationih + β3*HCih + β4*Affiliationih x HCih + εih 

where Yih is the dependent variable, such as the log of sale price, for listing agent i selling house h while 

employed in brokerage j. Xh represents a vector of house characteristics, transaction characteristics, 

quality controls, time controls, and geographic controls. αi are listing agent fixed effects, and I include 

brokerage dummies to control for brokerage effects. Affiliation is a dummy variable capturing social 

affiliations; HC is the human capital variable capturing agent fit, and εih the error term. The unit of 

analysis for the within agent models is the agent/listing. All regressions are estimated using OLS with 

robust standard errors clustered at the agent level. For discrete choice models I present OLS results to 

avoid bias from the incidental parameters problem (Neyman & Scott 1948), although logistic models 

provide similar results.  

 The second model is a conditional logit specification, which estimates the probability of an agent 

being chosen to list a home based on agent observables, such as affiliation, experience, and fit. These 

models are similar to McFadden’s consumer choice models (McFadden 1973; McFadden 1980) and 

investigate the factors influencing the seller’s choice of an agent. These specifications require defining a 

choice set or potential agents for each listing. I specify this choice set as all agents that live in the same 

zip code as the seller (median = 49 agents). The model then regresses a dummy variable chosen, which 

indicates the agent chosen in each case, on variables for all alternatives in the choice set. To estimate the 

impact of human and social capital, I include experience, fit, and affiliation, as well as their interactions. 

The models are estimated as conditional logits, with robust standard errors clustered by listing. 
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The final model is a between-agent specification. Whereas the first specification looks within 

agents to explore how affiliations and human capital fit impact agent performance, the between agent 

specifications investigate how transactions differ depending on affiliations and human capital, and how 

such differences impact transaction outcomes. The specification is as follows:   

Yh = α + β1*Xh + β2*Affiliationh + β3*HCh + β4*Affiliationh x HCh + εh 

where Yh is the dependent variable for house h. Xh represents a vector of house characteristics, transaction 

characteristics, quality controls, time controls, and geographic controls. Geographic controls include zip 

code dummies and a measure of linear distance between the agent and the listed home. Affiliation is 

interacted with agent experience or fit to explore how agent experience and fit influence outcomes 

between transactions. εh is the error term. The unit of analysis for the between agent models is the home 

listing. All regressions were estimated using OLS with robust standard errors clustered at the agent level.  

RESULTS 

Descriptive Statistics 

Table 1 lists dependent and independent variables, and Table 2 control variables. Approximately nine 

percent of sold homes in Utah County are listed by affiliated agents, and an additional one percent are 

sold by agents that previously shared an affiliation. Figure 2 presents the distribution of final home sale 

price divided by the predicted sale price. This figure suggests agents sell homes at price premiums when 

listing for affiliates. Figure 3 presents mean agent experience and percentage of deals as a buyer agent, 

broken out by affiliation. These descriptive statistics provide initial evidence suggesting less experienced 

and poor fitting agents are used in transactions with affiliated sellers. 

***** INSERT FIGURES 2 AND 3 HERE ***** 

Professional Performance and Transaction Outcomes 

The first hypotheses argue that listing agents improve performance in transactions with affiliated sellers, 

and that sellers experience positive outcomes from using affiliated agents. The results for these 

hypotheses are presented in Tables 4 and 5. Table 3 presents both within and between agent models for 

sale price, time on market, and probability of sale. Because the “within models” models include agent and 
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brokerage fixed effects, as well as controls for home characteristics, transactions, and home quality, the 

results are interpreted as the within-agent performance change when listing comparable homes depending 

on presence of an affiliation. The results in columns 1 and 2 suggest agents list and sell homes for 

approximately two percent more when listing for affiliates. Moreover, as shown in models 3 and 4, they 

sell homes about three and a half days quicker and are 3.2 percent more likely to complete the sale. This 

provides support for hypothesis 1a, and suggests agents improve performance in transactions with 

affiliated sellers. The “between models” shown in columns 5 and 6 provide similar results. These results 

are interpreted as the change in transaction performance outcomes based on the presence of an affiliation. 

The results are similar to the within agent models, providing support for hypothesis 1b and suggesting 

transaction outcomes are also better for consumers when affiliations are present.  

Table 4 investigates coordination strategies and agent marketing efforts when agents list for 

affiliates. Column 1 explores the use of dual agency. I find agents are 15 percent more likely to engage in 

dual agency when listing for affiliates. Moreover, as shown in columns 2 and 3, the use of dual agency 

does not significantly reduce the sale price premium or increase time on market. While the interacted 

coefficients are not statistically significant at conventional levels, their direction and magnitude suggest 

that dual agency allows for quicker home sales when affiliations are present, although this results in a 

slightly decreased sale price premium. In unreported results, I find that sellers do not contractually 

negotiate commission rates differently in anticipation of dual agency situations with affiliates (pval=0.77). 

Taken together, these results suggest agents and consumers enjoy additional flexibility in transactions 

with affiliates, and that this can lead to efficiency improvements for both agents and consumers. 

Columns 4 and 5 show the change in agent marketing efforts when listing for affiliates, after 

controlling for home vacancy, distance, and original list price. I find agents are ~5 percent less likely 

(from a base rate of 34%) to use a key box as the only method of showing the home, and request 

appointments ~4 percent more often (from a base rate of 56%) when listing for affiliates. Results using 

seemingly unrelated regressions or seemingly unrelated bivariate probit regressions provide similar 

results. This suggests agents exert greater care and marketing effort when listing for affiliates.  



 23 

***** INSERT TABLES 3 AND 4 HERE ***** 

Agent Experience and Fit when Affiliations Present 

As shown in the raw data presented in Figure 3, agent experience is much lower on average in 

transactions where affiliations are present. Moreover, agents are more likely to have sold proportionately 

more homes as a buyer agent. Table 5 provides similar results after including relevant controls. Columns 

1 and 2 provide results from OLS and logistic regression, and column 3 the results from a conditional 

logit. In all specifications, agent experience is negatively correlated with the presence of an affiliation, or 

being chosen by a consumer, and have a buyer specialty positively correlated. Interestingly, the results in 

column 3 show that agents are less likely to be chosen when inexperienced or when they have a buyer 

specialty when affiliations are not present. Taken together these results provide support for hypothesis 2, 

and suggest consumers overlook human capital variables when using an affiliated agent.  

*****INSERT TABLE 5 HERE***** 

Human Capital Deficiencies and the Unexpected Downside of Affiliations 

Finally, my last two hypotheses investigate the downsides of social affiliations from human capital 

deficiencies. First, columns 1 through 5 of table 6 investigate potential performance downsides from 

sellers using inexperienced or ill-fitting, but affiliated, agents. Columns 1 and 2 show that the benefits of 

affiliations arise only when sellers use experienced agents. Moreover, the results show that there is a 

significantly negative performance impact, compared to using an unaffiliated agent, when using an 

inexperienced, but affiliated, agent. The results in columns 3 and 4 are similar for ill-fitting agents. When 

affiliated agents specialize primarily in listing homes, I find positive impacts from affiliations on sale 

price and time on market. However, when agents specialize in buyer deals, but list homes for affiliates, I 

find that the performance benefits decrease significantly. Taken together, these results provide support for 

hypothesis 3a, and suggest that affiliations can lead to negative performance outcomes for consumers 

from human capital deficiencies. Moreover, they suggest that the largest benefits from social affiliations 

arise when using affiliated agents with the necessary human capital to succeed in the transaction.  
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The within-agent results are presented in columns 6 and 7 of table 6. These results show that 

agents perform worse on transactions with affiliates that are outside their expertise. When agents 

specialize in selling homes, and list for an affiliated seller, I find they sell homes for 3 percent more and 

4.3 days quicker. However, these benefits decrease significantly when agents specialize in buying. In such 

cases agents sell homes without a price premium, but also much slower. The linear combination of the 

interacted terms in column 7 shows agents sell homes 7 days slower (pval=0.036) when listing for 

affiliates when they have a buyer expertise. This provides support for hypothesis 3b, and suggests that 

agent performance is lower in transactions with affiliates when agent expertise is low. Stated differently, 

the benefits of affiliations accrue to agents functioning within their area of expertise. 

*****INSERT TABLE 6 HERE***** 

Robustness 

To support the analyses, I run multiple robustness checks. First, I restrict my analyses to only agents that 

start selling homes after 1997. The results for these analyses are similar to the non-restricted analyses. 

Second, I split the affiliation variable into same ward and same stake to explore how affiliation strength 

impacts outcomes. I find that the positive results are stronger at the ward level, where affiliations are the 

strongest. Interestingly, however, I find that the downsides are largest at the stake level, where affiliations 

are weaker. Finally, using data from unexpected changes to church boundaries, I find that the benefits and 

downsides of affiliations largely disappear after boundaries are changed. Taken together, these checks 

support my theory and suggest affiliations are driving the observed effects. 

DISCUSSION AND CONCLUSION 

This study shows that social affiliations between service professionals and consumers can lead to 

improved professional performance and beneficial transaction outcomes for consumers. Using a novel 

approach, this paper finds that real estate agents create and appropriate more value in transactions, and 

exert more effort, when listing for social affiliates. Agents sell comparable homes for two percent more 

without significantly increasing costs and are 15 percent more likely to serve as dual agents. This results 

in a two percent increase in agent commission amounts for the average transaction, and a ~50 percent 
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(~$6017) increase on dual agent transactions. These results imply significant performance improvements 

for brokerages: A regression at the brokerage/year level shows that the within-brokerage effect of 

increasing the yearly percentage of sales to affiliates by 10 percent is approximately two percent of 

brokerage revenue (pval<0.01)). In addition to benefiting professionals and firms, I find that consumers 

(e.g., home sellers) also benefit on average from using an affiliated agent.  

 More novelly, this study exposes an unanticipated, and previously underexplored, downside of 

social affiliations that stems from human capital deficiencies. Given market uncertainty and incomplete 

information, I find that sellers are more likely to use affiliated agents, and to deemphasize human capital 

variables, such as experience and expertise, in the agent-selection process. This results in consumers 

transacting with professionals that are ill-equipped to succeed in the transaction, which leads to negative 

outcomes for both consumers and agents. This suggests an additional avenue through which social 

affiliations and structures can lead to downsides in transactions, in addition to malfeasance (e.g., 

Granovetter 1985; Yenkey 2015). This is the first study, to my knowledge, to theorize and empirically 

show social capital downsides from human capital deficiencies. 

These results lend new empirical evidence to previous work on social capital and affiliations in a 

service setting. The novelty of the data allows for methods that reduce endogeneity concerns from actors 

transacting with similar others (Mouw 2006). Moreover, in contrast to prior work (e.g., Elfenbein and 

Zenger 2013), they allow investigation of social capital in a setting where economic transactions are 

unlikely to be repeated. Thus the results are driven by social ties and not by the shadow of the future.  

These results have important implications for firms that employ service professionals or other 

knowledge workers. While social ties can lead to performance improvements in transactions on average, 

through increased trust, information, and professional effort they also impose obligations and activate 

social preferences that can lead professionals to function outside of their area of expertise. Thus, firms 

need to actively manage professionals when they transact with affiliates to ensure they are functioning 

within their expertise. More precisely, to improve professional performance in transactions, firms must 

realize that social and human capital act as compliments. 



 26 

The results similarly have implications for markets. My results suggest affiliations can, on 

average, lead to efficiency benefits in transactions and reduce market moral hazard problems. Agents 

experience increased motivation, exert more effort, and improve performance when listing for socially-

affiliated clients. However, affiliations provide benefits when professionals have the necessary human 

capital to succeed, and market outcomes may be negatively impacted by consumers over relying on social 

affiliations.   

 This study is not without limitations. First, while this setting provides an opportunity to improve 

on the endogeneity problem encountered from individuals choosing affiliations, social affiliations in this 

study are still not completely exogenous. Real estate agents choose where to live, and agents and sellers 

choose whom to transact with. Thus, it is difficult to extrapolate these results to all social affiliations. 

Second, this paper has largely disregarded the impact of other important social affiliations in the 

transaction, such as between buyers and buyer agents, as well as between real estate agents. Finally, this 

paper does not directly test the mechanisms driving performance changes from affiliations. These 

limitations provide opportunity for future research.  

 Moving forward there is significant potential for expanding and extending this work. First, future 

work should focus on understanding how varying degrees of incomplete information and uncertainty 

influence professional and consumer behaviors, as well as transaction performance. Second, future studies 

could explore how professional and social affiliations interact, and how professionals and consumers 

utilize different types of connections in transactions. Third, future work should continue to explore 

selection issues surrounding which firms and professionals are most likely to secure transactions with 

affiliates. Such an investigation could yield valuable insights into successful firm entry, and inform hiring 

and staffing decisions. For instance, future research could explore the extent to which survival at entry 

and subsequent growth is impacted by the use of social affiliations. Superstar firms or professionals may 

arise because of advantageous social structures, or their ability to use affiliations at entry. This paper 

suggests additional studies on the intersection of human capital, social capital, and service professional 

productivity is a fruitful area for additional research.  
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FIGURES AND TABLES 
Figure 1: Boundaries for a Representative Stake in Utah County  

 
Note: This figure shows a representative stake in Utah County with seven wards. The green boundaries (including the highlighted 
red boundary) represent stake boundaries, and the purple boundaries ward boundaries. This map covers approximately 2.5 square 
miles of Utah County.  

 
Figure 2: Agents Sell Homes Higher Above Predicted Sold Price when Listing for Affiliates 
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Figure 3: Agent Experience and Buyer Agent Specialization by Affiliation 
 

 

 

 

Table 1: Descriptive Statistics for Dependent and Independent Variables 

Variables N Mean Std Dev Min Max 
Sold 80774 0.50 0.50 0 1 
Original list price 40151 212112 119937 60000 1,149,000 
Sale price 40151 200708 106816 30000 1,500,000 
Sale price/original list price 40151 0.96 0.08 0.62 1.19 
Sale price/predicted sale price 40151 1.00 0.15 0.61 1.63 
Days on market 40151 112.45 87.98 1 728 
Affiliation 40151 0.09 0.29 0 1 
Previous affiliation 40151 0.01 0.07 0 1 
Same ward agent/house 40151 0.04 0.20 0 1 
Same stake agent/house 38678 0.05 0.21 0 1 
Key box used only 40151 0.34 0.47 0 1 
Call agent for appt. 40151 0.56 0.50 0 1 
Dual agency 40151 0.25 0.43 0 1 
# sold to date by agent 40151 92.08 144.13 1 1139 
Total agent experience to date 40151 119.03 172.85 1 1336 
Buyer agent (dummy) 36879 0.31 0.46 0 1 
Buyer agent (percent) 36879 0.44 0.16 0 0.99 
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Table 2: Descriptive Statistics and Regression for Control Variables 

Control Variables Explanation N Mean Std. 
Dev. Min Max log(Sold 

Price) 
House Controls        Total # bedrooms Number of bedrooms in home 40151 3.79 1.22 1 16 0.008*** 
Total # bathrooms Number of bathrooms in home 40151 2.51 0.96 1 13 0.046*** 
Total # kitchens Number of kitchens in home 40151 1.07 0.26 1 4 0.021*** 
Total # fireplaces Number of fireplaces in home 40151 0.56 0.74 0 5 0.022*** 
Total # laundry rooms Number of laundry rooms in home 40151 1.00 0.34 0 5 0.016*** 
Total # dining rooms Number of dining rooms in home 40151 0.13 0.34 0 2 0.040*** 
Total # family rooms Number of family rooms in home 40151 1.15 0.71 0 5 0.001 
% of basement finished % of basement that is finished 40151 41.52 45.42 0 100 -0.0004*** 

Garage capacity Number of parking spaces in 
garage 40151 1.50 1.09 0 10 0.044*** 

Pool Dummy for presence of a pool 40151 0.68 0.25 0 1 0.013** 
Log(Square feet) Log of home square footage 40151 7.69 0.47 6.21 9.82 0.409*** 
Log(Acres) Log of lot acreage 40151 0.21 0.22 0 4.48 0.326*** 
Year built Year home built 40151 1985 24.65 1860 2014 0.002*** 

Log(HOA fee) Log of home owners association 
fee 40151 1.13 1.91 0 9.21 0.003*** 

Zip code dummies Dummy for home zip code 40151 Individual dummies 

Property type 
Dummy for condo, mobile, single 
family, recreational, townhome or 
twin home 

40151 Individual dummies 

Quality dummies Quality dummies extracted from 
public comments (see appendix) 40151 Individual dummies 

        Transaction Controls        Short sale Dummy for short sale transaction 40151 0.06 0.24 0 1 -0.096*** 
Commission % offered 
buyer 

% of home sale price offered to 
buyer agent 40151 2.93 0.25 0 7 0.134* 

Owner agent Dummy for owner agents 40151 0.04 0.20 0 1 0.017** 

Co-agent present Dummy for presence of a listing 
co-agent 40151 0.23 0.42 0 1 -0.005 

Immediate possession Dummy for home ready for 
immediate possession 40151 0.27 0.44 0 1 -0.029*** 

Seller concessions % % of sale price offered as seller 
concessions 40151 0.01 0.02 0 0.10 0.132* 

Dual agent-agent Dummy for dual agency by single 
agent 40151 0.25 0.43 0 1 0.005 

Dual agent -office Dummy for dual agency by single 
office 40151 0.31 0.46 0 1 -0.003 

Distance from agent to 
house 

Distance in miles between listing 
agent home and listing 40151 10.09 7.31 0 30 -0.001** 

Year Year house sold 40151 Individual dummies 
Month Month house sold 40151 Individual dummies 
        Experience Controls        Log (# sold to date by 
agent) 

Log of total number of homes 
listed by agent to date 40151 3.47 1.61 0 7.04 0.001 

Log (total agent exper to 
date) 

Log of total number of homes 
listed or bought by agent to date 40151 3.92 1.43 0.69 7.20 0.020*** 

 
Note: Final column presents results from regressing the log of home sale price on all control variables, with dummies 
included for time, zip codes, property type, and home quality. The R-squared is 0.90, intercept 3.612***. Significance levels: 
* p<0.10, ** p<0.05, *** p<0.01. Quality dummies, including their descriptive statistics, are found in the appendix.  
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Table 3: Agent Performance and Transaction Outcomes from Affiliations 
 

  (1) (2) (3) (4) (5) (6) 

Dependent Variable: Log(Sold 
Price) 

Sale Price 
to Predicted 
Sale Price 

Days on 
Market Pr(Sold) Log(Sold 

Price) 
Days on 
Market 

 
-----Within Models----- 

 
-----Between Models----- 

 
Affiliation 0.020*** 0.019*** -3.465** 0.016** 0.019*** -3.566** 

 (0.005) (0.005) (1.709) (0.008) (0.005) (1.773) 
    

    Constant 3.612*** 1.902*** -300.714*** 3.835*** 3.264*** -400.945*** 

 (0.183) (0.177) (67.238) (0.264) (0.188) (68.260) 

        
House Controls Y Y Y Y Y Y 
Transaction Controls Y Y Y Y Y Y 
Time Controls Y Y Y Y Y Y 
Experience Controls Y Y Y Y Y Y 
Quality Dummies Y Y Y Y Y Y 
Geographic Controls Y Y Y Y Y Y 
Listing Agent FE Y Y Y Y N N 
Listing Brokerage FE Y Y Y Y N N 
R2 0.898 0.217 0.311 0.223 0.874 0.158 
Observations 40151 40151 40151 80774 40151 40151 
Note: Robust standard errors presented in parentheses are clustered by listing agent. House and transaction controls noted in Table 
2. Columns 3, 4, and 6 include a control for original list price. Time controls include year and month dummies, as well as their 
interaction, for when the house was sold for models 1, 2, and 5, and when it was listed for models 3, 4, and 6. Significance levels: 
* p<0.10, ** p<0.05, *** p<0.01. 
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Table 4: Use of Coordination Strategies and Agent Effort 
 

  (1) (2) (3) (4) (5) 

Dependent Variable: Pr(Dual 
Agent) 

Log(Sold 
Price) 

Days on 
Mkt 

Pr(Key 
Box Only) 

Pr(Agent 
Appointment) 

Affiliation 0.038*** 0.023*** -2.862 -0.016* 0.021** 

 (0.010) (0.005) (1.972) (0.009) (0.010) 
Dual agent  0.003 7.369***   
  (0.003) (1.236)   
Affiliation X Dual agent  -0.013 -5.056   
  (0.008) (3.729)   
Vacant     0.407*** -0.328*** 

     (0.014) (0.014) 
Log (Original list price)     -0.045** 0.087*** 

     (0.018) (0.016) 
   

    Constant 0.652** 3.609*** -165.381** 1.297*** 0.181 

 (0.311) (0.182) (66.030) (0.270) (0.348) 
   

    House Controls Y Y Y Y Y 
Transaction Controls Y Y Y Y Y 
Time Controls Y Y Y Y Y 
Experience Controls Y Y Y Y Y 
Quality Dummies Y Y Y Y Y 
Geographic Controls Y Y Y Y Y 
Listing Agent FE Y Y Y Y Y 
Listing Brokerage FE Y Y Y Y Y 
R2 0.205 0.898 0.262 0.427 0.419 
Observations 40151 40151 40151 40151 40151 
Note: Robust standard errors presented in parentheses are clustered by listing agent. House and transaction 
controls noted in Table 2, and column 3 includes control for original listing price. Time controls include 
year and month dummies, as well as their interaction, for when the house was sold for models 1 and 2, and 
when the house was listed for models 3, 4, and 5. Significance levels: * p<0.10, ** p<0.05, *** p<0.01. 
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Table 5: Agent Selection Given Level of Experience and Expertise 
 
  (1) (2) (3) 
Dependent Variable: Pr(Affiliation) Pr(Affiliation) Pr(Chosen) 

 OLS LOGIT Conditional Logit 
Affiliation 

 
 0.750*** 

   (0.060) 
Buyer agent 0.018*** 1.260*** 0.318*** 

 (0.004) (0.055) (0.010) 
Log (agent # houses) -0.014*** 0.829*** 1.608*** 

 (0.001) (0.014) (0.006) 
Affiliation X Buyer agent   2.514*** 

   (0.245) 
Affiliation X Log (agent # houses)   0.808*** 

   (0.010) 
Distance -0.017*** 0.816*** 1.592*** 

 (0.001) (0.008) (0.011) 
Distance squared 0.001*** 1.007*** 0.993*** 

 (0.000) (0.0003) (0.001) 
# agents in brokerage -0.0004*** 0.994*** 1.001*** 

 (0.0001) (0.001) (0.0002) 
        

Constant 0.009 0.014* -- 

 (0.164) (0.035) -- 
    
    House Controls Y Y N 

Transaction Controls Y Y N 
Time Controls Y Y N 
Quality Dummies Y Y N 
Geographic Controls Y Y N 
Listing Agent FE N N N 
Listing Brokerage FE N N N 
R2 0.072 0.117 0.123 
Observations 36879 36848 2333918 
Note: Robust standard errors presented in parentheses, with errors clustered by listing in column 3. Time 
controls include year and month dummies, as well as their interaction, for when the house was listed. Odds 
ratios reported for columns 2 and 3. Significance levels: * p<0.10, ** p<0.05, *** p<0.01. 
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Table 6: Downsides of Affiliations from Human Capital Deficiencies 
 

  (1) (2) (3) (4) (5) (6) (7) 

Dependent Variable: Log(Sold 
Price) 

Days on 
Market 

Log(Sold 
Price) 

Days on 
Market 

Log(Sold 
Price) 

Log(Sold 
Price) 

Days on 
Market 

Affiliation -0.036*** -6.537 0.035*** -4.157* -0.029* 0.030*** -4.303* 

 (0.011) (4.819) (0.007) (2.409) (0.016) (0.006) (2.267) 
Buyer agent   0.005 2.124 0.002 0.004 8.656*** 

   (0.005) (2.074) (0.004) (0.003) (2.655) 
Log (agent # houses) -0.003 17.240***   -0.004 

 
 

 (0.002) (2.964)   (0.003)   
Affiliation X Buyer agent   -0.036*** 0.580 -0.028*** -0.026*** 2.725 

   (0.009) (3.641) (0.008) (0.008) (3.354) 
Affiliation X Log (agent # houses) 0.015*** 0.811   0.015***   

 (0.003) (1.345)   (0.004)   
         

Constant 3.273*** -400.161*** 3.165*** -363.52*** 3.187*** 3.541*** -249.640*** 

 (0.189) (68.525) (0.201) (72.223) (0.201) (0.190) (69.102) 

         
House Controls Y Y Y Y Y Y Y 
Transaction Controls Y Y Y Y Y Y Y 
Time Controls Y Y Y Y Y Y Y 
Experience Controls Y Y Y Y Y Y Y 
Quality Dummies Y Y Y Y Y Y Y 
Geographic Controls Y Y Y Y Y Y Y 
Listing Agent FE N N N N N Y Y 
Listing Brokerage FE N N N N N Y Y 
R2 0.874 0.158 0.873 0.154 0.873 0.896 0.288 
Observations 40151 40151 36879 36879 36879 36879 36879 
Note: Robust standard errors presented in parentheses are clustered by listing agent. House and transaction controls noted in Table 2, and models 2, 4, and 7 include a 
control for original list price. Time controls include year and month dummies, as well as their interaction, for when the house was sold for models 1, 3, 5, and 6, and 
for when the house was listed for models 2, 4, and 7. Significance levels: * p<0.10, ** p<0.05, *** p<0.01. 

 



 

APPENDIX 
 

Table A1: Typical Interactions in LDS Church Wards and Stakes 
 

Ward Level – (~450 individuals, 188 families, 154 housing units)
 

Weekly Interactions 
-Church services: 3 hours 
 -Two hours of interactive classes 
 -Responsibilities associated with lay ministry 

(e.g., teaching, library, clerk, etc.) 
-Multiple leadership meetings for 
approximately 30 members  
-Weekday youth activities (youth and leaders) 

 
Other Interactions 

-Bi-monthly social activities 
-Monthly women’s organization gatherings 
-Monthly assigned visits to 2-4 families  
-Monthly temple days – members invited to 
come same day/time 
-Interactions in responsibilities 
-Sports league

 
Stake Level– (~3150 individuals, 826 families, 1081 housing units) 

 
Regular Interactions 

-Bi-annual church conference, all members 
-Bi-annual training meetings for leadership  
-Monthly scheduled temple days—members 
invited to come same day 
-Youth activities (youth, leaders, and parents) 
 *Multi-day annual event 
 *Full day events (~2/year) 
 *Youth dances (~6/year) 
 *Annual week long boys and girls camps for 

youth, leaders, and parents 

Weekly Interactions 
-Leadership meetings (5-15 people) 
  

Other Interactions 
-Monthly meetings between Stake and Ward 
clergy 
-Stake leadership visits to ward (~6X/year) 
-Stake-wide social activities (~2/year) 
-Service activities 
-Interactions in responsibilities 
-Sports league 
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Table A2: House Description and Quality Indicator Dummies from Public Remarks 
Quality Indicators Mean Std. Dev. Quality Indicators Mean Std. Dev. 
TLC 0.01 0.09 Custom 0.06 0.24 
Needs Updating 0.002 0.04 Unique 0.01 0.08 
Estate Sale 0.002 0.04 Maple 0.02 0.14 
Foreclosure 0.002 0.05 Newer 0.06 0.23 
Handyman 0.001 0.03 Hurry/Will Not Last 0.03 0.17 
As-Is 0.01 0.11 Pride 0.002 0.05 
Rehabber 0.0002 0.01 Clean 0.07 0.25 
Bank-Owned 0.01 0.08 Quiet 0.08 0.27 
Priced to Sell 0.02 0.14 Dream 0.01 0.09 
Motivated 0.02 0.14 Block 0.02 0.13 
Potential 0.01 0.12 Huge 0.09 0.28 
Close 0.19 0.39 Deck 0.06 0.24 
! 0.40 0.49 Mint 0.002 0.04 
New 0.33 0.47 Hardwood 0.07 0.26 
Spacious 0.07 0.25 Views 0.10 0.30 
Elegance 0.01 0.08 New Roof/New Shingles 0.02 0.13 
Beautiful 0.19 0.39 Upgraded/Updated 0.09 0.29 
Remodeled/Renovated 0.05 0.22 Vaulted 0.11 0.31 
Historic/Vintage 0.003 0.06 Floor plan 0.09 0.28 
Maintained/Well-Cared 0.03 0.17 Award 0.001 0.04 
Wonderful 0.05 0.22 Hot Tub 0.02 0.14 
Fantastic 0.03 0.17 Tile 0.12 0.33 
Charming 0.01 0.12 Cul-de-sac 0.05 0.21 
Stunning 0.01 0.10 Jetted Tub 0.05 0.22 
Amazing 0.02 0.15 Park 0.14 0.35 
Granite 0.06 0.24 Brick 0.05 0.21 
Immaculate 0.04 0.19 Value 0.03 0.16 
Breathtaking 0.01 0.05 Windows 0.05 0.22 
Neighborhood 0.14 0.34 Mother-in-law 0.02 0.15 
Spectacular 0.01 0.10 Stainless 0.02 0.15 
Landscaped 0.09 0.29 Theater 0.01 0.12 
Stained Glass/Art Glass 0.001 0.02 Surround Sound 0.01 0.10 
Built-in 0.03 0.17 Pickiest 0.01 0.07 
Tasteful 0.003 0.05 Rare 0.01 0.08 
Must See 0.07 0.26 Starter 0.04 0.20 
Fabulous 0.01 0.12 Master 0.15 0.36 
Leaded 0.001 0.04 Cute 0.02 0.16 
Delightful 0.001 0.04 Warranty 0.03 0.16 
Move-In 0.03 0.17 Temple 0.01 0.07 
Gourmet 0.01 0.08 Fenced 0.10 0.30 
Corian 0.01 0.07   

  
 

Note: These house characteristic and quality dummies take the value of 1 if they (or their common derivatives) are 
referenced in the public comments section of the listing, 0 otherwise.  

 
 
 

 


