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Abstract 

We use exogenous variation in analyst coverage due to brokerage mergers and closures to examine 
how firm-specific analyst coverage affects media coverage. Decreases in analyst coverage likely 
affect the media through two countervailing forces. On the one hand, the loss of analyst 
information, on which journalists rely, raises the costs of developing a news article. On the other 
hand, the loss reduces competition in the market for public firms’ information, thus raising the 
benefits of publishing a news article. Consistent with the added costs outweighing the added 
benefits, our difference-in-differences evidence suggests brokerage mergers and closures decrease 
affected firms’ media coverage, on average. Cross-sectional analyses suggest the effect is 
concentrated where information and competition are more scarce; namely, in firms with low initial 
analyst coverage, non-S&P 500 firms, less prominent journalists, and firms with less disclosure or 
more complex disclosure.  
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In a way, both the reporter and the analyst are in the same job. They both inform people about 
companies, and they both go about their jobs by asking questions and examining a company’s 
operations. The only difference is that a reporter does his or her job to better inform readers, 
whereas the analyst does his or her job to better inform investors. 

—Chris Roush, Show Me the Money (2017, p. 163) 
 
1. Introduction 

Information intermediaries such as sell-side equity analysts and financial journalists collect, 

analyze, and provide firm-specific information that is new and useful to capital market participants, 

thereby mitigating frictions arising from asymmetric information and serving as governance 

mechanisms.  While these two intermediaries fill remarkably influential and similar roles and have 

been the subjects of extensive research, the interplay between them is not well understood (as 

discussed below and emphasized in Beyer, Cohen, Lys, and Walther, 2010, pg. 329, and Miller 

and Skinner, 2015, pgs. 232-33).1 In this study, we help fill this void by examining how media 

coverage is affected by decreases in analyst coverage due to brokerage mergers and closures.2 

In theory, analyst coverage could influence media coverage through two countervailing 

mechanisms. On the one hand, the media and analysts compete with each other to fulfill market 

participants’ information demands and attract their attention by providing signals about public 

firms’ prospects. Any reduction in competition from analysts thus increases the marginal benefits 

of producing an additional media article (Fang and Peress, 2009). On the other hand, analysts are 

a major source of journalists’ information, so the loss of an analyst increases the costs of producing 

an additional media article (Veldkamp, 2006; Call, Emett, Maksymov, and Sharp, 2018). Thus, 

                                                           
1 A vast literature provides evidence that equity analysts contribute to the efficiency of capital markets and discipline 
managerial opportunism (see Beyer, Cohen, Lys, and Walther, 2010; Bradshaw, Ertimur, and O’Brien, 2016; Kothari, 
So, and Verdi, 2016 for reviews). Likewise, a budding literature suggests the financial media fills similar roles (e.g., 
Bushee, Core, Guay, and Hamm, 2010; see also Tetlock, 2014 and 2015, and Miller and Skinner, 2015, for reviews). 
2 In this paper, we use the terms media and press, as well as journalist and reporter, interchangeably. Media refers to 
traditional financial news organizations (e.g., The Wall Street Journal and Dow Jones Newswires) that employ 
journalists to publish in-depth articles and shorter news flashes about, among other things, publicly traded firms. 
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the directional effect of negative shocks to analyst coverage is ultimately an empirical question 

that is contingent on whether the additional benefits of producing media articles outweigh the 

additional costs.  

The limited prior evidence on this empirical question is mixed. While the relation between 

media and analyst coverage is not the main research question, the coefficients on analyst coverage 

as a control variable from a few studies provide some evidence. To be specific, Fang and Peress 

(2009) find a negative association between media and analyst coverage, but Bushee, Core, Guay, 

and Hamm (2010) and Drake, Guest, and Twedt (2014) document the opposite. Other studies 

provide examples of both costs and benefits of analysts from journalists’ perspective. Miller (2006) 

finds that reporters uncover accounting fraud about as often as they rebroadcast analysts’ 

allegations of fraud, suggesting at least some reporters substitute for analysts. In contrast, in a 

survey by Call et al. (2018), journalists report that discussions with analysts and analysts’ reports 

are key inputs to their articles, which explains why news articles often quote analysts (Li, 2014). 

Besides leading to mixed conclusions, the prior evidence is subject to limitations that 

prevent us from inferring the effect of analyst coverage on media coverage. First, neither Miller 

(2006) nor Call et al. (2018) directly examines media responses to variation in analyst coverage. 

Further, the large-sample association tests do not address the potential endogenous relation 

between analyst and media coverage, an important concern emphasized by Beyer et al. (2010). To 

illustrate the latter issue, note that analysts tend to stop covering poorly performing firms, in part 

due to concerns about access to management (e.g., Bhushan, 1989; Chung and Jo, 1996). In 

contrast, media coverage tends to tilt towards poorly performing firms (Niessner and So, 2018). 

This form of endogeneity, namely that bad news jointly determines analyst and media coverage, 

would contribute to a spurious negative association between the two. However, since both the 
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media and analysts tend to cover larger firms (e.g., Bhushan, 1989), one could alternatively find a 

spurious positive association. Of course, since association studies do not use exogenous variation 

in analyst coverage, it is unclear whether the association reflects the effect of analysts on the media, 

the reverse, or an omitted factor.3 As a result, we believe further investigation that addresses these 

issues is warranted. We next discuss the results of our own efforts along these lines. 

To facilitate comparisons with prior work (e.g., Fang and Peress, 2009; Bushee et al., 2010; 

Drake et al., 2014), we begin by documenting an association between sell-side analyst coverage 

and Dow Jones media coverage in a broad swath of the U.S. public equity market. We also follow 

prior studies by separately examining “full” articles with editorial content and shorter “flash” alerts 

consisting of only a headline (e.g., Bushee et al., 2010; Drake et al., 2014). While flash articles 

mainly serve a dissemination role, full articles are more likely to compete with or rely on analysts’ 

attempts to produce information content. Thus, flash articles allow us to conduct a falsification test 

for the cost-increasing part of our hypothesis. That is, because firms disclose corporate events 

directly to the press it is trivially easy for a reporter to generate flash headlines about firms’ events 

without analysts’ help. We find a positive association between analyst coverage and both types of 

articles. Although the positive association between full article coverage and analyst coverage is 

consistent with journalists relying on analysts, the flash article result is particularly challenging to 

interpret. A likely explanation is that endogeneity drives the positive association. 

We mitigate endogeneity concerns by using brokerage mergers and closures as a source of 

exogenous variation in analyst coverage (e.g., Hong and Kacperczyk, 2010; Kelly and Ljungqvist, 

2012). The wave of brokerage mergers and closures during the 2000s was largely driven by market 

                                                           
3 While our study centers on the effect of analyst coverage on media coverage, the reverse is likely true as well. For 
example, Bradshaw, Wang, and Zhou (2015) find that the quantity and tone of news articles of a firm are associated 
with analyst recommendation revisions. Also, Li (2018) shows that journalists’ coverage of corporate press releases 
increases the number of analyst earnings forecasts. 
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developments, such as new regulation (e.g., Reg FD and the Global Settlement), that changed the 

sell-side research business model and decreased some firms’ analyst coverage. The key benefit of 

this setting is that firm-specific characteristics that could be correlated with changes in media 

coverage did not determine the firm-specific shocks to analyst coverage. Consistent with this, 

Kelly and Ljunqvist (2012) find that decreases in analyst coverage resulting from the brokerage 

events do not predict affected firms’ future prospects, unlike typical changes in analyst coverage. 

Our difference-in-differences estimates capture the difference between the change in the 

number of media articles from before to after the brokerage events for treatment and matched 

control firms. Consistent with the costs of losing analyst coverage outweighing the benefits from 

journalists’ perspective, we find that the number of media articles about treatment firms decreases 

relative to control firms on average. In terms of economic magnitude, treatment firms’ full article 

coverage decreases by about 5 percent. In stark contrast, flash article coverage does not change for 

affected firms. These results are consistent with reporters relying on analysts when developing full 

articles but not when using flash alerts to make investors more aware of firms’ basic news (e.g., 

the actual earnings number). Our findings suggest the media’s firm-specific coverage depends on 

analyst coverage, or in other words, that a decrease in the number of analysts covering the same 

firm significantly increases reporters’ production costs, resulting in fewer news articles. 

To further strengthen this inference, we conduct cross-sectional analyses that emphasize 

variation in the costs and benefits of analyst coverage from journalists’ perspective. Overall, we 

expect the costs to be more likely to dominate the benefits for smaller, less visible firms with fewer 

sources of alternative information. This is because journalists likely rely more on analysts covering 

these firms (i.e., the costs of losing access to analysts are higher), while journalists can likely 
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generate more interest after analyst coverage drops in larger firms with a more developed 

information environment (i.e., the benefits of less competition from analysts are higher). 

First, we expect and find the results are pronounced among firms with low analyst coverage 

before treatment. Intuitively, each brokerage event results in the loss of a higher proportion of 

analysts for these firms, thus disproportionately increasing journalists’ production costs. In fact, 

our result only pertains to firms with low initial analyst coverage. In terms of economic magnitude, 

the loss of an analyst decreases the number of full articles by about 12 percent for these firms. We 

find no effect on flash articles, which further supports the cost-increasing hypothesis.  

Second, we find evidence that the costs of providing an article vary across journalists. More 

capable journalists likely write for more prestigious news outlets and are assigned to cover the 

most visible industries and firms (Li, 2014; Guest, 2018). These journalists are often given their 

own columns that have been shown to impact market outcomes (Dougal, Engelberg, Garcia, and 

Parsons, 2012). Also, Call et al. (2018) report that journalists at prominent outlets depend less on 

analysts and more on firms’ disclosures. We find this is the case in our setting. We do not find 

evidence that decreases in analyst coverage reduce the number of media articles when we focus 

on coverage of S&P 500 firms and/or more prestigious divisions of Dow Jones (e.g., Barron’s and 

The Wall Street Journal). Taken together, our findings support the notion that lower analyst 

coverage disproportionately increases the costs of (less prominent) media coverage for relatively 

small and medium-sized firms. 

Finally, we find evidence that journalists turn to firms’ disclosures to replace the 

information that is lost when an analyst stops covering the firm. Specifically, our results are 

concentrated in coverage of firms that do not provide earnings guidance, file fewer 8-Ks, and file 

more complex 10-Ks. These results complement the Balakrishnan, Billings, Kelly, and Ljungqvist 
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(2014) evidence that improved disclosure ameliorates the decrease in liquidity that follows 

negative shocks to analyst coverage. 

This study increases our understanding of the relationship between analysts and journalists, 

which is a significant aspect of the evolution of firms’ information environments (Beyer et al., 

2010, pg., 329), by addressing and largely resolving the mixed evidence in prior studies. More 

broadly, our study also contributes to the literature on the media in financial markets. This 

literature focuses primarily on the consequences of media coverage such as stock returns, trading 

volume, and firm performance (e.g., Tetlock, 2014, 2015). We extend this line of research by 

documenting that media coverage is affected by analyst coverage, or in other words, that financial 

news articles are endogenously determined in part by another information intermediary.  

Our results also highlight an externality created by recent changes in the scope of the sell-

side research industry (see, e.g., Merkley, Michaely, and Pacelli, 2017), which has ramifications 

for managers, regulators, and policy makers tasked with designing disclosure and financial 

reporting regulation (see Leuz and Wysocki, 2016 for a review). Specifically, if the media filled 

the void left by analysts, even to some degree, the aggregate supply of information might self-

correct and intervention by firms or regulators would be less justified. For example, managers 

would benefit less from providing more disclosure to offset the loss of an analyst, as in 

Balakrishnan et al. (2014), allowing managers to avoid disclosure costs such as revealing 

proprietary information. Our results suggest the opposite is true. Together with the recent studies 

that document negative market consequences of drops in analyst coverage (e.g., Hong and 

Kacperczyk, 2010; Kelly and Ljungqvist, 2012; Derrien and Kecskes, 2013; Chen et al., 2015; 

Billett, Garfinkel, and Yu, 2017), our evidence suggests decreases in media coverage amplify the 

information loss due to decreases in analyst coverage, at least for smaller, more opaque firms. 
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The rest of our paper is organized as follows. Section 2 reviews related literature and 

develops empirical predictions. Section 3 describes the baseline data, research design, and 

association between media and analyst coverage. Section 4 describes the brokerage mergers and 

closures sample, identification strategy, and difference-in-differences results. Section 5 concludes. 

 

2. Literature Review and Empirical Predictions 

2.1. Sell-Side Equity Analysts as an Information Intermediary 

A long-standing literature in finance and accounting finds that sell-side equity analysts play 

an important role as an information intermediary by mitigating information asymmetry in capital 

markets and also by serving as a monitoring mechanism (e.g., Kelly and Ljungqvist, 2012; Chen 

et al., 2015; Billett et al., 2017). A comprehensive review of this vast literature is beyond the scope 

of this paper.4 Rather, this section focuses on a relatively recent strand of studies that examines 

the effects of sell-side analysts using brokerage mergers and closures.  

 A strand of papers suggest analysts reduce information asymmetry among capital market 

participants. Kelly and Ljungqvist (2012) use brokerage mergers and closures as a shock to 

information asymmetry between informed traders (e.g., institutional investors) and uninformed 

traders (e.g., individual investors). They find that stock prices and liquidity decline for firms that 

lose an analyst, consistent with the loss of analysts worsening information asymmetry among 

capital market participants. Derrien and Kecskes (2013) extend Kelly and Ljungqvist’s (2012) 

findings to corporate investment and find that firms that experience a decrease in analyst coverage 

reduce investment and financing. They infer from their results that firms scale back investment 

and financing in response to increases in information asymmetry and the cost of capital. 

                                                           
4 See Beyer, Cohen, Lys, and Walther, 2010; Bradshaw, Ertimur, and O’Brien, 2016; Kothari, So, and Verdi, 2016 
for detailed reviews. 
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Balakrishnan et al. (2014) focus on the role of voluntary disclosures in mitigating the adverse 

effects of the loss of analysts on information asymmetry. Their key findings are (1) that the adverse 

effects of drops in analyst coverage on liquidity are pronounced and persistent only for firms 

without a history of issuing management earnings forecasts (i.e., non-guiders) and (2) that guiders’ 

forecasts become more timely.5 The major takeaway from these studies is that the loss of analysts 

exacerbates information asymmetry among capital market participants. 

 Another strand of studies considers whether analysts play a governance role in reducing 

agency conflicts between managers and shareholders (Jensen and Meckling, 1976). Irani and 

Oesch (2013) document that financial reporting quality deteriorates following drops in analyst 

coverage using various proxies (e.g., discretionary accruals, Fog index, etc.). These results suggest 

analysts play an important role in monitoring financial reporting decisions. Chen et al. (2015) 

extend these results by documenting that firms that lose an analyst engage in value-destroying 

mergers and acquisitions, their CEOs receive excess compensation, and cash holdings are valued 

less by shareholders. Billett et al. (2017) use brokerage mergers and closures to test the effect of 

asymmetric information on product market outcomes. They build on Bolton and Scharfstein (1990) 

by showing that firms experiencing drops in analyst following exhibit a decrease in industry-

adjusted sales growth. The authors interpret their findings as being consistent with shareholders 

adjusting contracts with managers in response to heightened agency costs, thus restricting 

managers’ ability to compete in product markets. Overall, the above studies provide evidence that 

sell-side analysts are a governance mechanism in various contexts.  

                                                           
5 Our study of the financial media’s response to the loss of analysts is related to Balakrishnan et al. (2014) in that both 
voluntary disclosures and the media are an integral part of the corporate information environment (Beyer et al., 2010; 
Miller and Skinner, 2015). What sets our paper apart from Balakrishnan et al. (2014) is that media coverage is not 
under managers’ direct control, in contrast with voluntary disclosures. 
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 A key takeaway from the above-mentioned studies is the negative consequences of drops 

in analyst coverage for various financial and real outcomes.6 This evidence indicates the media 

(and other information intermediaries) does not seem to fully fill the information void that results 

from brokerage mergers and closures. 

2.2. The Media as an Information Intermediary 

The roles of sell-side analysts and financial journalists are remarkably similar. To facilitate 

the comparison of the roles of analysts and the media, we organize the literature on the media into 

(1) research on capital market consequences and (2) research on governance roles (see Tetlock, 

2014, 2015 and Miller and Skinner, 2015 for more thorough reviews of this literature).  

One strand of research provides evidence on the effect of the content of media coverage on 

stock prices, trading volume, and liquidity. Tetlock (2007) finds evidence that the linguistic tone 

of “Abreast of the Market” (AM), a daily column of The Wall Street Journal (WSJ), reflects 

investor sentiment and influences stock prices and trading volume. Tetlock et al. (2008) extends 

Tetlock (2007) to a broad set of firm-specific newspaper stories. 7  The findings suggest that 

negative tone in news articles, measured by the number of negative words, is associated with both 

lower future earnings and stock returns. They infer that linguistic media content measures 

qualitative information to which investors underreact.8 Guest (2018) uses restructuring at WSJ to 

provide evidence that WSJ articles that overlap little with firms’ disclosures increase price 

discovery and trading volume during earnings announcements.  

                                                           
6 Although less relevant to our study, He and Tian (2013) examine changes in innovation around brokerage mergers 
and closures and find that firms that lose an analyst increase patenting activities. They infer from this result that sell-
side analysts induce corporate myopia. 
7 Garcia (2013) uses a similar methodology and finds that negative tone in two New York Times columns is associated 
with stock market returns. 
8 Engelberg (2008) examines the effect of the tone of earnings-related articles on the post-earnings announcement drift 
and finds that the tone has incremental predictive power. 
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Other studies focus more on the relationship between the quantity of news coverage and 

capital market outcomes. Fang and Peress (2009) find that the number of firm-specific media 

articles is negatively associated with the covered firm’s contemporaneous stock returns. For 

example, they report that stocks without media articles in a quarter exhibit 3 percent higher 

annualized returns than stocks with above-median number of articles. Fang and Peress (2009) infer 

from their findings that the broader dissemination of firm-specific information affects stock returns, 

consistent with Merton (1987). Relatedly, Bushee et al. (2010) find lower (higher) bid-ask spreads 

(market depths) around earnings announcements covered by more media sources, but not around 

earnings announcements with more in-depth coverage by each source. Drake et al. (2014) examine 

the role of the media in mitigating the mispricing of accruals and cash flows and show that press 

coverage of annual earnings announcements via news flash articles (but not full articles) is 

associated with less mispricing of cash flows.  

Another strand of research provides evidence on the governance role of the media. Dyck, 

Volchkova, and Zingales (2008) show that media coverage of governance violations by Russian 

firms makes them overturn bad corporate governance decisions. Core, Guay, and Larcker (2008) 

find that negative media coverage of CEO compensation in the U.S. is associated with both excess 

compensation and more option exercises, evidence consistent both with the governance role of the 

media and the media’s sensationalism. Miller (2006) finds that the media often uncovers 

accounting fraud, in addition to disseminating analysts’ accusations of fraud. Dai et al. (2015) find 

that greater media coverage of SEC filings concerning insiders’ stock sales has a negative impact 

on insiders’ future trading profits. The above studies collectively suggest that the media plays a 

governance role by creating and broadly disseminating information. 
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To summarize the prior literature, there is ample evidence that analyst and media coverage 

are associated with capital market and governance outcomes, but there is scant evidence on how 

the two information intermediaries relate to each other, especially how media coverage is affected 

by analyst coverage. 

2.3. Predictions 

Our predictions about how media coverage changes in response to brokerage mergers and 

closures are predicated on two countervailing forces. (1) The media competes against analysts in 

the market for information, and simultaneously (2) the media relies on analysts in developing 

articles. The goal of the media is to increase readership in order to maximize subscription and 

advertising revenues (Miller, 2006; Bushee et al., 2010). To do so, the media provides capital 

market participants with noisy signals about the performance and financial positions of firms by 

writing news articles (Veldkamp, 2006). In the market for information, the media competes for 

investors’ attention and information demands with other information providers, including sell-side 

analysts (Niessner and So, 2018). Brokerage mergers and closures adversely affect investor 

recognition and the corporate information environment (e.g., Kelly and Ljungqvist, 2012; 

Balakrishnan et al., 2012). This provides the media with an opportunity to increase coverage for 

firms that lose an analyst to attract market participants’ attention and meet their information 

demands. This prediction is consistent with the Fang and Peress (2009) conjecture that decreases 

in analyst coverage are beneficial to the media.9 This discussion suggests the media has incentives 

to increase coverage after brokerage mergers and closures. We label this prediction the benefits-

dominate hypothesis.  

                                                           
9 Fang and Peress (2009, pg. 2025) interpret their findings as indicating that “for firms suffering from reduced analyst 
coverage, mass media coverage as well as firms’ public relations efforts aimed at creating awareness and familiarity 
could pay off in terms of generating investor interest and reducing the cost of capital, especially in the post Reg FD 
environment.” 
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On the other hand, media coverage could decrease in response to brokerage mergers and 

closures. Veldkamp (2006) provides a theoretic underpinning for this prediction. In Veldkamp’s 

(2006) model, information production by one party allows another party to acquire that 

information at a low or zero price. This is precisely because information discovery entails a fixed 

cost but replication of that information is virtually free, indicating the complementarity of 

information provision.10 This theory extends to our setting in which financial journalists develop 

full articles about firms by combining the information generated by analysts (e.g., analyst reports) 

with their own private information and information from other sources. 

Consistent with this reasoning, prior studies recognize that analysts are one of journalists’ 

key information sources (e.g., Miller, 2006; Borden, 2007; Li, 2014; Rees et al., 2015; Call et al., 

2018). Li (2014) reports that 8.5 percent of WSJ articles during the 1995 – 2012 period contain 

quotes from analysts. Call et al. (2018) find that journalists frequently rely on analyst reports as 

well as private interactions through phone calls and social events. Also, in his textbook for business 

journalists, Roush (2017) gives the following explanation and advice: “For decades, sell-side 

analysts who track stocks and bonds have been the business reporter’s best friends. Analysts 

regularly take phone calls from reporters wanting to talk about everything from a company’s CEO 

to the new potato chip it is rolling out next month. Become friendly with analysts and quote them 

fairly, and they will return phone calls and give tips about potential news at a company.” 

Further, relative to analysts, journalists are less likely to have the expertise necessary to 

understand the implications of companies’ accounting issues, strategies, and competitive 

environment (e.g, Borden, 2007; Drake et al., 2014). Bushee et al. (2010, p. 4, emphasis added) 

argue that “reporters solicit quotes from management and analysts on the implications of the 

                                                           
10 Similarly, Kelly and Ljungqvist (2012) states “[t]he fundamental challenge for equity research is a public goods 
problem: clients are reluctant to pay for research because it is hard to keep private, and hence it is provided for free.” 
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earnings release and interpret the management forecasts in the context of industry information.” 

Accordingly, a decrease in analyst coverage may make writing an article prohibitively costly or 

compromise the quality of articles, which in turn would damage the reporter’s reputation. Overall, 

the above discussion suggests media coverage might decrease after brokerage mergers and 

closures, which we label the costs-dominate hypothesis.  

Several other studies also support this hypothesis. Rees et al. (2015) examine media 

coverage of analysts and, among others, find that analysts quoted in media articles enjoy career 

benefits in the form of achieving all-star status. Bradshaw, Wang, and Zhou (2015) find that 

analysts’ recommendation decisions seem to incorporate information contained in media articles. 

Along with the findings that sell-side analysts are one of journalists’ information sources, these 

findings indicate that journalists and analysts have a quid pro quo relationship (Call et al., 2018).  

There are also a few reasons to expect limited interaction between media coverage and 

analyst coverage. Journalists have alternative information sources from which they can obtain first-

hand information (e.g., managers, industry experts, professors, and institutional investors). Call et 

al. (2018) report that the top information source for journalists is management and that journalists 

have private phone calls with them. At the same time, it is conceivable that managers of firms that 

experienced decreases in analyst coverage make themselves more available to journalists and also 

inform them through voluntary disclosures (e.g., Balakrishnan et al., 2014). Li (2014) also 

documents that press articles have direct quotes from alternative information channels (e.g., 

industry experts and institutional investors). The availability of alternative information sources 

could negate journalists’ reliance on analysts. In summary, our discussion thus far indicates that 

both the costs and the benefits of producing media coverage increase with drops in analyst 



 

14 

coverage. Ultimately, it is an empirical question whether the benefits outweigh the costs, or vice 

versa. Thus, we present our hypothesis in the null form with two alternative hypotheses as follows: 

Null Hypothesis: Media coverage does not change for firms experiencing decreases in analyst 
coverage due to brokerage mergers and closures. 
 
Alternative (Costs-Dominate) Hypothesis: Media coverage decreases for firms experiencing 
decreases in analyst coverage due to brokerage mergers and closures. 
 
Alternative (Benefits-Dominate) Hypothesis: Media coverage increases for firms experiencing 
decreases in analyst coverage due to brokerage mergers and closures. 
 

3. Baseline Sample, Design, and Results 

 We start by examining the correlation between the number of media articles and analysts 

covering firms in a broad set of the U.S. public equity market. This test serves two specific 

purposes. First, it allows us to benchmark our results to prior studies (e.g., Fang and Peress, 2009; 

Bushee et al., 2010; Drake et al., 2014). Second, it enables us to illustrate the identification problem 

that results from the endogenous relation between media and analyst coverage. 

3.1. Baseline Sample 

Our baseline sample is based on the intersection of multiple databases. We obtain quarterly 

financial statement data from Compustat; analyst coverage data from the Institutional Brokers’ 

Estimate System (I/B/E/S); stock return data from the Center for Research in Security Prices 

(CRSP); institutional ownership data from the Thomson Financial 13F Database; and business 

press data from the Dow Jones version of RavenPack.11 The Dow Jones is a major player in the 

business press industry because of its large circulation and influence (Tetlock, 2007). As Miller 

and Skinner (2015) discuss, however, using coverage by a single outlet limits our ability to 

                                                           
11 Appendix A provides examples of Dow Jones articles. 
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generalize our findings to the full spectrum of the media. We require variables used in our 

regression analyses, which we will describe below, to be non-missing. Our baseline sample 

includes 157,568 firm-calendar-quarters of publicly-traded firms during 2000 through 2009. The 

sample begins in 2000, the first year in which RavenPack data is available. The sample ends in 

2009 to be consistent with the sample period of the brokerage mergers and closures sample, which 

we describe later (i.e., the last brokerage merger occurred in 2008).  

 Table 1 presents descriptive statistics for the baseline sample of 157,568 calendar-quarters 

for 7,770 unique firms between 2000 and 2009. Panel A displays the proportion of calendar-

quarters receiving media and analyst coverage and Panel B shows distributional statistics for media 

coverage, analyst coverage, and other variables used in our analysis. Focusing first on Panel A, a 

key takeaway is that a non-trivial proportion of quarters receive no media and analyst coverage. 

58% (41%) of the sample receives no full (flash) article coverage and 40% has neither full nor 

flash article coverage. Also, 49% of the sample has no analyst coverage.  

Moving to Panel B, a firm-quarter has on average 2.0 full articles (#Full Articles) and 4.8 

flash articles (#Flash Articles). The mean of the number of analysts following a firm (#Analyst) is 

3.6. The first takeaway is that, as discussed above, a non-trivial proportion of firm-quarters has 

zero media coverage, where the median of #Full Articles is zero. It is also noteworthy that all three 

variables are skewed. The 75th percentile of #Full Articles is 2 (note that the mean of #Full Articles 

is about 2). Thus, we take the natural logarithm of full articles and flash articles in our regressions. 

Another benefit of using logs is that coefficient estimates can be interpreted roughly as percentage 

changes in the dependent variable. In addition to the number of full and flash articles, we construct 

the ratio of the number of full articles to the total number of articles (full articles plus flash articles) 
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and label it %Full Articles. This variable is designed to capture the extent to which the media 

allocates limited resources (at least in the short-term) between full and flash articles.  

3.2. Baseline Design 

 To examine the relation between media and analyst coverage, we estimate the following 

ordinary least squares (OLS) with fixed effects regression: 

              𝑌𝑌𝑖𝑖,𝑞𝑞 = 𝛼𝛼 + 𝛽𝛽1𝐿𝐿𝐿𝐿𝐿𝐿(1 + #𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝐴𝑖𝑖,𝑞𝑞) + ∑𝐶𝐶𝐿𝐿𝐴𝐴𝐴𝐴𝐶𝐶𝐿𝐿𝐴𝐴𝐴𝐴𝑖𝑖,𝑞𝑞 + 𝜑𝜑𝑖𝑖 + 𝜏𝜏𝑞𝑞 + 𝜀𝜀𝑖𝑖,𝑞𝑞             (1) 
 
Where i indexes firms, q indexes calendar-quarters, Yi,q is either Log(1+#Full Articles), 

Log(1+#Flash Articles), or %Full Articles; Log(1+#Full Articles) is the natural logarithm of one 

plus the number of full length articles for firm i in quarter q; Log(1+#Flash Articles) is the natural 

logarithm of one plus the number of flash articles for firm i in quarter q; %Full Articles is the ratio 

of the number of full articles to the sum of full articles and flash articles for firm i in quarter q; 

Log(1+#Analysts) is the natural logarithm of one plus the average number of analysts forecasting 

annual earnings for firm i in quarter q in the prior 12 months. We follow prior research on the 

media and analysts (e.g., Fang and Peress, 2009) by including the following control variables: 

Log(Market Cap.) is the natural logarithm of the product of the number of shares outstanding and 

the stock price at the end of the prior quarter; Book-to-Market is the firm's book value divided by 

market value at the end of the prior quarter; Return is the average stock return during the prior 12 

months; Return Volatility is the standard deviation of stock returns during the prior 12 months; and 

Institutional Ownership is the proportion of the firm's shares held by institutions identified in 13F 

filings at the end of the prior quarter. Variable definitions are also available for reference in 

Appendix B and the note to Table 1. We include firm-fixed effects (𝜑𝜑𝑖𝑖) and calendar-quarter fixed 

effects (𝜏𝜏𝑞𝑞 ). Standard errors are clustered by firm and calendar year-quarter to account for 

dependence in the error terms. Given the endogenous relation between media and analyst coverage, 
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we do not predict the sign of the coefficients on Log(1+#Analysts). Rather, the results presented 

in the next section serve as a benchmark to compare difference-in-differences test results, which 

we describe later. 

3.3. Baseline Results 

 The results of estimating equation (1) are presented in Table 2. For each dependent variable, 

we include Log(1+#Analysts) alone and with control variables to assess how sensitive the 

coefficient estimates on Log(1+#Analysts) are to the inclusion of control variables. We find the 

results are not sensitive and thus focus our discussion on regressions that include control variables. 

Our results show that analyst coverage is positively associated with both full and flash article 

coverage but not with the ratio of the number of full articles to the total number of articles. To be 

specific, in the second and fourth columns, analyst coverage is significantly positively correlated 

with both the number of full articles and news flash articles. The coefficient estimates on 

Log(1+#Analysts) are 0.075 and 0.124, respectively, and both are significant at p-value<0.01. 

While this result is consistent with Bushee et al. (2010) and Drake et al. (2014), it contrasts with 

the Fang and Peress’ (2009) negative association between the number of media articles and analyst 

following. The conflicting results, as well as the finding that flash articles are associated with 

analyst coverage, may be due to endogeneity. Our next analyses address this issue. 

 

4. Brokerage Mergers and Closures Sample, Design, and Results 

To overcome the endogeneity concerns about the above association results, we follow prior 

research (discussed in Section 2.1) that uses brokerage mergers and closures as a source of 

exogenous variation in analyst coverage. The shocks to analyst coverage arising from brokerage 

events are unlikely to be correlated with firm-specific characteristics since affected analysts drop 
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coverage primarily due to redundancy or the deteriorating profitability of sell-side financial 

research (Kelly and Ljungqvist, 2012; Hong and Kacperczyk, 2010; Chen et al., 2015).  

4.1. Brokerage Mergers and Closures Sample 

 To implement difference-in-differences tests around brokerage mergers and closures, we 

identify treatment and control firms following the methodology, including the matching procedure, 

of Billett, Garfinkel, and Yu (2017, Section 3.3). That is, we use the same treatment firms that 

experienced decreases in analyst coverage following brokerage mergers and closures as prior 

studies described in section 2.1.12 The sample starts with 49 mergers and closures between 1984 

and 2008 and 2,057 unique affected firms. We use the events between 2001 and 2008 because 

RavenPack data, our source of news article counts, begins in 2000. To mitigate heterogeneity 

between the affected firms and unaffected firms, we then match each treatment firm to control 

firms in the same tercile of market capitalization, book-to-market, stock return, and analyst 

following, in that order, during the period before the brokerage merger or closure. We require 

treatment and control firms to have available data during the four quarters before and after a three 

quarter “disappearance window.” 13  The disappearance window accounts for the difficulty in 

precisely recognizing the event date, since mergers and closures often span several months. Also, 

while analysts do not publish their information publicly after terminating coverage (by definition), 

journalists could maintain private communication with the analysts affected by the event for a time 

after they formally terminate coverage. We only keep matching firms with pre-event analyst 

coverage within three analysts of the treatment firm. To increase our chances of meeting the 

parallel trends assumption, we keep up to five matches with the closest change in the number of 

                                                           
12 We thank the authors of Billett et al. (2017) for sharing their list of firms affected by brokerage mergers and closures. 
13 All of our inferences are qualitatively similar, although the magnitude of our results decreases slightly, if we instead 
use a one, two, or four quarter disappearance window. 
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media articles over the four quarters prior to treatment. There are 1,018 treatment firms and 1,888 

control firms (many of which match multiple treatment firms), resulting in a sample of 31,556 

calendar-quarters of treatment and control observations during the four quarters before and after 

treatment. Our main inferences are predicated on difference-in-differences estimators that compare 

the change in media coverage for treatment and control firms from before to after the events. 

 Before turning to the difference-in-differences design, we discuss differences between 

treatment and control firms in the pre-merger/closure period. Panel A of Table 3 shows that the 

number of full articles is higher for treatment firms (7.2) than for control firms (5.9) and the 

difference is significant at p-value<0.01, whereas the number of flash articles does not differ 

between the two samples. Moving to the differences in the means of our matching variables, the 

two samples exhibit little heterogeneity in the pre-merger/closure period. Institutional ownership 

(Institutional Ownership), a control variable, is higher for treatment firms than control firms but 

the difference is only marginally significant (p-value<0.10) and economically small. Thus, our 

matching procedure appears to have successfully removed any major heterogeneity between the 

independent variables of the treatment and control firms in the pre-merger/closure period.  

The key identifying assumption of our difference-in-differences estimators is that the 

average change in media coverage would have been the same for both treatment and control firms 

in the absence of treatment (i.e., the parallel trends assumption). While this assumption is 

untestable, we provide visual evidence supporting the assumption during the pre-treatment period, 

which gives us some confidence that treatment and control firms would have exhibited parallel 

trends in the post-treatment period absent treatment. Specifically, Figure 1 depicts the number of 

full articles, the number of flash articles, and the proportion of full articles each quarter. There 

appear to be largely parallel trends in the three outcome variables in the pre-treatment period. This 
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is not surprising because, as described above, one of our matching variables is the change in the 

number of media articles prior to treatment. Focusing on the post period, one can start to see the 

relative decrease in full articles for treatment firms that we document more thoroughly in the next 

section.  

4.2. Difference-in-Differences Design 

 To test our hypotheses using the brokerage mergers and closures, we conduct difference-

in-differences analyses by estimating the following regression: 

                 𝑌𝑌𝑖𝑖,𝑞𝑞 = 𝛼𝛼 + 𝛽𝛽1𝑇𝑇𝐶𝐶𝑇𝑇𝐴𝐴𝐴𝐴𝑖𝑖,𝑞𝑞 𝑥𝑥 𝑃𝑃𝐿𝐿𝐴𝐴𝐴𝐴𝑞𝑞 + ∑𝐶𝐶𝐿𝐿𝐴𝐴𝐴𝐴𝐶𝐶𝐿𝐿𝐴𝐴𝐴𝐴𝑖𝑖,𝑞𝑞 + 𝜑𝜑𝑖𝑖 + 𝜌𝜌𝑞𝑞 + 𝜃𝜃𝑖𝑖,𝑚𝑚 + 𝜀𝜀𝑖𝑖,𝑞𝑞          (2) 
 
where Yi,q is either Log(1+#Full Articles), Log(1+#Flash Articles), or %Full Articles, Treat equals 

one for firms that experienced decline in analyst coverage due to brokerage mergers and closures 

and zero otherwise, and Post equals one (zero) for four quarters subsequent to (prior to) our three 

quarter “disappearance window.” All other variables are defined as in equation (1). We include 

firm-fixed effects (𝜑𝜑𝑖𝑖), calendar year-quarter-fixed effects (𝜌𝜌𝑞𝑞); and pair-event fixed effects (𝜃𝜃𝑖𝑖,𝑚𝑚). 

Standard errors are clustered by firm and calendar year-quarter. Firm-fixed effects remove any 

time-invariant firm characteristics; calendar-quarter fixed effects control for any time-varying 

market characteristics; and pair-event fixed effects mean that our estimates reflect the average 

difference between each treatment firm and its respective controls. Firm fixed effects subsume 

Treat, and calendar-quarter fixed effects subsume Post. The β1 coefficient can be interpreted as 

percentage changes in the number of full and flash articles when Log(1+#Full Article) and 

Log(1+#Flash Articles) are dependent variables. A positive (negative) coefficient on β1 would be 

consistent with the benefits-dominate (costs-dominate) hypothesis, whereas an insignificant 

coefficient would indicate either that media coverage is largely independent of analyst coverage 

or that the costs and benefits exactly offset.  
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4.3. Difference-in-Differences Results 

 We begin by conducting univariate difference-in-differences tests. For full articles and 

flash articles, we calculate mean changes from four quarters before to four quarters after the 

“disappearance window” for treatment firms, control firms, and the difference between the two 

groups. The results in Panel B of Table 3 provide weak initial evidence supporting the costs-

dominate hypothesis for full article coverage. Treatment firms lost 1.317 full articles and control 

firms lost 0.753 full articles. The mean difference-in-differences (-0.564) are significant at p-

value<0.10. We obtain similar results using the log of one plus the number of full articles, which 

is our dependent variable in regression analyses. We do not find any discernible differential shift 

in flash articles or the ratio of the number of full articles to the total number of articles. In sum, the 

univariate results provide initial evidence consistent with the costs-dominate hypothesis.  

 Table 4 presents the results of estimating equation (2), in which we include covariates and 

a set of fixed effects. To summarize, the results support the costs-dominate hypothesis in which 

full article coverage (but not flash article coverage) is adversely affected by reduced analyst 

coverage. As before, we direct our focus on the multivariate results. In the second column 

(Log(1+#Full Articles)), the β1 coefficient is negative (-0.047) and marginally significant (p-

value<0.10). The coefficient’s magnitude, -0.047, indicates that firms experiencing a decline in 

analyst coverage due to a brokerage event exhibit a 4.7% decrease in the number of full articles. 

This 4.7% decline suggests that a firm loses an average of 1.35 full articles per year after a 

brokerage merger or closure (4.7% × 7.196 [pre-merger/closure mean] × 4 [quarters]). The results 

using %Full Articles (in the rightmost column) also support the costs-dominate hypothesis. The β1 

coefficient is -1.412, which is significant at p-value<0.05, suggesting that the media devotes fewer 

resources to generating full articles when analyst coverage decreases, possibly because the loss of 
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analysts increases the costs of writing full articles with original content and analysis. In contrast, 

we find no effect on the number of flash articles. Under the costs-dominate hypothesis, we would 

expect no effect on flash articles given that shorter “flash” alerts consist of only a headline, making 

it trivially easy for a reporter to generate flash headlines about firms’ events without analysts’ 

assistance. Taken together, these results suggest a decline in analyst coverage increases journalists’ 

costs of providing articles, which in turn reduces full article coverage.  

The results in Table 4 contrast with those from panel regressions in Table 2, highlighting 

the importance of addressing endogeneity using brokerage mergers and closures. That is, the 

positive association between flash article coverage and analyst coverage disappears in a difference-

in-differences design, suggesting that the relation in Table 2 may be spurious or jointly determined 

by an omitted variable. In Table 2 we do not find a significant relation between the ratio of the 

number of full articles to the total number of articles and analyst coverage, but we do find a 

significant effect in Table 4. This latter finding strengthens our inference by providing evidence 

that the media dynamically allocates resources in response to changes in the information 

environment.  

4.4. Partitions on Pre-Merger/Closure Analyst Coverage 

 In this section, we provide evidence that corroborates our main inference by investigating 

whether the adverse effects of drops in analyst coverage due to brokerage mergers and closures 

are more pronounced for firms with low analyst coverage prior to the events. The motivation for 

this test is straightforward. If, as the Call et al. (2018) survey suggests, journalists depend in part 

on analysts (i.e., read analyst reports and have private discussions with analysts) when developing 

full articles, the loss of an analyst is more detrimental to journalists covering firms followed by a 
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relatively small number of analysts. For these firms, the loss of an analyst leads to a greater 

proportional decrease in total potential sources on which reporters can rely.  

To test this prediction, we partition our sample into firms with five or fewer analysts (Low 

#Analyst) and more than five analysts (High #Analyst).14 We estimate equation (2) separately for 

the two groups. The results reported in Table 5 support our prediction. In the leftmost column, the 

coefficient on Treat×Post is marginally significantly negative, -0.117, for firms with fewer 

analysts (p-value<0.10) but insignificant for firms with more analysts. Likewise, the β1 coefficient 

for regressions of %Full Article is significantly negative, -3.332 (p-value<0.05) only for firms 

followed by fewer than six analysts. Overall, the results of conditioning on the number of analysts 

pre-merger/closure support the notion that media coverage is adversely influenced by a decline in 

analyst coverage because, to some extent, journalists depend on analysts when developing articles.  

 4.5. Partitions on Prominence of Outlet and Firm 

We next examine whether journalists who cover larger, more visible firms, have greater 

access to management, and are more experienced are less affected by analyst coverage decreases. 

This test is motivated by the possibility that not all journalists rely equally on analysts when 

developing articles. Journalists who are more experienced and employed by more prominent 

outlets likely rely more on financial disclosures provided by firms (e.g., 8-K or 10-K reports) to 

develop articles than those who are less experienced and employed by low profile outlets (Call et 

al., 2018). The former also likely cover larger firms and have better access to managers of the firms 

they cover. Thus, we expect that the loss of analyst coverage has little, or at least less, impact on 

journalists who work for more prominent outlets and cover larger firms.  

                                                           
14 The cutoff between High versus Low #Analyst groups is five. Prior research also shows that five is an important 
cutoff in other circumstances (Chen, Kelly, and Wu, 2018). We, however, acknowledge that five is somewhat arbitrary, 
lacking a theoretic underpinning.  
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Within Dow Jones, the Dow Jones Newswires specializes in writing timely, relatively short, 

articles primarily geared towards institutional clients, while Barron’s, The Wall Street Journal, 

and MarketWatch produce more in-depth articles that reach a larger audience. As a result, the latter 

set of outlets tends to employ more experienced and accomplished reporters. In our first partition, 

we run our tests separately using only Dow Jones Newswires articles (Non-Wire=0) and only 

articles in the more prominent outlets (Non-Wire=1) in calculating Log(1+#Full Articles). Since 

more prominent outlets cover more visible firms, and more alternative sources of information exist 

for those firms, we also partition the sample based on membership in the S&P 500 index. 

We report our results in Table 6. The odd-numbered columns show that the adverse effects 

of a decline in analyst coverage are significant only for Dow Jones Newswires articles, for non-

S&P 500 firms, and for Dow Jones Newswires coverage of non-S&P 500 firms. The coefficients 

on Treat × Post are -0.046 (p-value<0.10), -0.073 (p-value<0.05), and -0.072 (p-value<0.05). The 

results indicate that a loss of analyst coverage primarily influences reporters at less prominent 

outlets, especially when they cover small and medium-sized firms presumably with fewer 

alternative sources of information. Overall, the results corroborate our inference that journalists’ 

production costs are the mechanism through which a decline in analyst coverage adversely affects 

media coverage.  

4.6. Partitions on Firm Disclosure 

 Journalists may be able to turn to firms’ disclosures to replace the information that is lost 

when an analyst stops covering a firm. For example, Roush (2017) highlights 8-Ks as one of the 

primary sources of reporters’ information about the firms they cover. Likewise, journalists’ survey 

responses in Call et al. (2018) suggest they use 8-Ks to develop firm-specific articles. This 

possibility that analysts and firms’ disclosures are substitutes, at least from journalists’ perspective, 
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is consistent with the Balakrishnan et al. (2014) finding that increases in disclosure offset the 

negative liquidity effects of decreases in analyst coverage. Thus, in this section, we predict and 

find that media coverage of firms with more disclosure or less complex disclosure are less affected 

by drops in analyst coverage. 

 We partition the sample into high and low groups based on three widely-used measures 

from the disclosure literature. The first two measures capture the amount of voluntary disclosure 

by the firm. Specifically, Guider is one if the firm issued earnings guidance in the pre-treatment 

period, and zero otherwise. Low (High) #8-Ks firms file a below (above) median number of 8-Ks 

in the quarter before treatment. The final measure reflects the complexity, or opacity, of a firm’s 

mandatory disclosures using the Gunning-Fog index. Low (High) Fog firms have above (below) 

median 10-K readability, as measured by the Gunning-Fog index.  

 The results of these partitions are reported in Table 7. Panel A partitions the full sample 

and provides some evidence that the effects of analyst coverage on media coverage are 

concentrated in firms with more limited disclosure. In particular, we find the treatment effect in 

firms with fewer 8-Ks and less readable 10-Ks. The coefficients on Treat × Post are -0.073 (p-

value<0.05) for the High #8-Ks sample and -0.122 (p-value<0.05) for the High Fog sample, 

whereas corresponding coefficients are insignificant for the Low #8-Ks and Low Fog samples.  

However, the treatment effect does not differ between firms that provide earnings guidance and 

those that do not. Since we learned from Table 6 that the treatment effect is concentrated in less 

prominent outlets and firms, Panel B limits the sample to Dow Jones Newswire articles and non-

S&P 500 firms. This analysis provides even stronger evidence that drops in analyst coverage have 

a greater effect on the media coverage of firms with less disclosure. That is, we find that drops in 
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analyst coverage significantly decrease media coverage for firms with no earnings guidance, fewer 

8-Ks, and less readable 10-Ks.  

Overall, these findings support the evidence in Balakrishnan et al. (2014) that the negative 

consequences, on media coverage in our paper and liquidity in theirs, of drops in analyst coverage 

are particularly pronounced for firms with less disclosure. Finding no treatment effect for firms 

with more disclosures suggests journalists facing a decrease in analyst coverage use available and 

easy-to-understand firm disclosures as a substitute. 

 

5. Conclusion 

A large literature finds that sell-side equity analysts are a major information intermediary 

(e.g., Kelly and Ljungqvist, 2012; Chen et al., 2015; see Kothari et al., 2016; Beyer et al., 2010; 

Bradshaw et al., 2016 for reviews), and a budding literature shows that the financial media is also 

a key information intermediary (e.g., Tetlock et al., 2008; Fang and Peress, 2009; Tetlock, 2010; 

Fang et al., 2014; see Tetlock, 2014, 2015 and Raimondo, 2016). Despite the strikingly similar 

roles played by both intermediaries, there is a limited amount of mixed evidence on the interplay 

between the two (Beyer et al., 2010; Miller and Skinner, 2015). In this paper, we use brokerage 

mergers and closures as an exogenous source of variation in analyst coverage to establish whether 

drops in analyst coverage positively or negatively affect the financial media’s coverage, on average, 

and how the effect varies for different subsets of stocks. 

To summarize our evidence, we find that the number of full articles and the percentage of 

full articles (vis-a-vis flash articles) decrease after brokerage mergers and closures. These results 

suggest that journalists reduce media coverage in response to decreases in analyst coverage. We 

also show that the adverse effects on media coverage are concentrated in firms followed by fewer 
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analysts in the pre-merger/closure period, in articles written by journalists at less prominent outlets, 

in non-S&P 500 firms, and in firms with less disclosure. Taken together, our findings are consistent 

with the costs-dominate hypothesis. That is, a loss of analysts decreases media coverage by 

increasing the costs of producing an article, since journalists get information from analysts, more 

than the benefits of producing an article, since journalists compete with analysts.  

Our study is subject to several caveats. First, we use media coverage from a single news 

provider, the Dow Jones. Although it plays a significant role in financial markets, we cannot rule 

out the possibility that other outlets respond differently to brokerage mergers and closures. Second, 

our inference is based primarily on variation due to brokerage mergers and closures that occurred 

in the 2000s. Thus, caution should be exercised when generalizing our findings to other media, 

settings, or time periods. Finally, although brokerage mergers and closures create exogenous 

variation in analyst coverage, they can also affect other players in capital markets. For example, 

managers are likely to provide more disclosures and/or make themselves available to reporters in 

response to declining analyst coverage. This could positively impact the financial media’s 

coverage decisions, which would bias against our results. Thus, the effects of brokerage mergers 

and closures on media coverage we document are likely to be a combination of both the direct 

effect of declines in analyst coverage and indirect effects via other channels.  
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Appendix A 
Example Articles from Drake, Guest, and Twedt (2014) 

This appendix reproduces Appendix A of Drake, Guest, and Twedt (2014), which contains news 
flashes (A.1) and excerpts from full articles (A.2) published by Dow Jones. 
 
A.1 News Flashes 
 
The following news flash was published in Dow Jones Newswires on Feb. 16, 2000: 
 
 “DJ Lufkin Industries 4Q Net 13c A Diluted Shr Vs 6c >LUFK 
 
 (MORE TO FOLLOW) Dow Jones Newswires.” 
 
 
The following news flash was published in Dow Jones Newswires on Mar. 19, 2003: 
 

“DJ Hastings Manufacturing Co. Reports 2002 EPS 67c>HMF 
 

(END) Dow Jones Newswires.” 
 
 

A.2 Excerpts from Full Articles 
 
The following article excerpt was published in Dow Jones Newswires on Jan. 27, 2005: 
 

"DJ Minerals Technologies Reports Fourth Quarter Diluted Earnings Per Share of 
$0.70, Including Charges Associated with Due Diligence 

 
…Excluding the $2.8 million in 2003 charges for restructuring and asset impairments, 
operating income for the Refractories segment increased 42 percent, including 
approximately $2.3 million in recoveries of previously written-off bad debt relating to 
steel company bankruptcies…" 

 
 
The following article excerpt was published in Dow Jones Newswires on Feb. 24, 2005: 
 

"DJ Newmont Mining 4Q Net Rose 19%, Amid Rising Gold Prices 
 

…Some of the items booked in the latest period include a tax benefit of 14 cents a share 
for valuation allowances and a gain of 4 cents a share for reclamation-estimate 
revisions…" 

 
 
The following article excerpt was published in Dow Jones Newswires on Mar. 5, 2009: 
 

“DJ Wind River 4Q Net Loss Widens On Charge; Co Issues Weak View 
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…For the quarter ended Jan. 31, revenue increased 4.9% to $88.4 million, while deferred 
revenue - money that has been received but not booked because services haven't been 
delivered - dropped 1.9% to $131.9 million…" 

 
 
The following article excerpt was published in The Wall Street Journal on Feb. 17, 2012: 
 

“Renault Fights Falling Demand for Cars in Europe 
 

…Renault exceeded its target of generating free cash flow from its automotive operations 
of more than €500 million in 2011, reporting €1.08 billion, attributing the improvement 
to rigorous management of its working capital, and noting that the performance was 
despite a series of setbacks in its supply chain and the impact of the sovereign-debt crisis 
during the year…  

 
Renault’s cash flow performance in 2011 was in contrast to local rival Peugeot, which on 
Wednesday reported it had burned through €1.65 billion in cash last year. The company 
has set a target of generating €2 billion in aggregate cash flow over the 2011 to 2013 
period…” 
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Appendix B 
Variable Definitions 

 
Variable Name Definition and Measurement 

Outcome variables 

#Full Articles The number of full length articles published by Dow Jones during the 
quarter (Data source: RavenPack) 

Log(1+#Full Articles) The natural log of one plus #Full Articles (Data source: RavenPack) 

#Flash Articles The number of shorter flash articles published by Dow Jones during the 
quarter (Data source: RavenPack) 

Log(1+#Flash Articles) The natural log of one plus #Flash Articles (Data source: RavenPack) 

%Full Articles #Full Articles/(#Full Articles + #Flash Articles) (Data source: RavenPack) 

#Total Articles #Full Articles + #Flash Articles (Data source: RavenPack) 

Explanatory variables 

Treat An indicator set to one for firms that experienced decline in analyst coverage 
due to brokerage mergers and closures and zero otherwise 

Post An indicator set to one (zero) for four quarters subsequent to (prior to) our 
three quarter “disappearance window.” 

#Analysts The average number of analysts forecasting annual earnings in the prior 12 
month (Data source: IBES) 

Market Cap. The product of the number of shares outstanding (in millions) and the stock 
price at the end of the prior quarter (Data source: CRSP)  

Book-to-Market The firm's book value divided by market value at the end of the prior quarter 
(Data source: CRSP and Compustat) 

Return The average stock return during the prior 12 months, in percentage terms 
(Data source: CRSP) 

Return Volatility The standard deviation of stock returns during the prior 12 months (Data 
source: CRSP) 

Institutional Ownership 
The proportion of the firm's shares held by institutions identified in 13F 
filings at the end of the prior quarter (Data source: Thomson Reuters 
Institutional (13f) Holdings) 

S&P 500 An indicator set to one if the firm was included in the S&P 500 index at the 
end of the prior quarter (Data source: CRSP) 
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Figure 1 
Evidence of Parallel Trends and Treatment Effect 

 
This figure shows the average #Full Articles, #Flash Articles, and %Full Articles, by quarter for treated and control 
firms. #Full Articles and #Flash Articles are the number of full length and shorter flash articles, respectively, published 
by Dow Jones during the quarter. %Full Articles is #Full Articles/(#Full Articles + #Flash Articles). The sample is 
described in Table 3. Quarter 0 is the average of the three quarters during the “analyst disappearance window.” Dotted 
lines define a 95% confidence interval.  

 

  

 

 



Table 1 
Descriptive Statistics: Baseline Sample 

 
This table presents sample and distributional statistics for variables of interest of 157,568 calendar-quarters of 
publicly-traded firms during 2000 through 2009. Panel A shows the proportion of sample firms receiving media and 
analyst coverage, as well as the total number of media articles and analyst forecasts in the sample. Panel B shows 
distributional statistics for the full sample. #Full Articles and #Flash Articles are the number of full length and shorter 
flash articles, respectively, published by Dow Jones during the quarter. %Full Articles is #Full Articles/(#Full Articles 
+ #Flash Articles). #Analysts is the average number of analysts forecasting annual earnings in the prior 12 months. 
Market Cap. is the product of the number of shares outstanding (in millions) and the stock price at the end of the prior 
quarter. Book-to-Market is the firm's book value divided by market value at the end of the prior quarter. Return is the 
average stock return during the prior 12 months, in percentage terms. Return Volatility is the standard deviation of 
stock returns during the prior 12 months. Institutional Ownership is the proportion of the firm's shares held by 
institutions identified in 13F filings at the end of the prior quarter. S&P 500 is an indicator set to one if the firm was 
included in the S&P 500 index at the end of the prior quarter. We winsorize continuous variables at the 1st and 99th 
percentiles within each year. 
 
Panel A: Media and Analyst Coverage 
 
Variable N Mean N/qtr. Pct. of Sample Sum 
Sample observations 157,568 3,939 100% 

 

Observations with non-zero: 
    

      #Full Articles 66,808 1,670 42% 336,889 
      #Flash Articles 92,212 2,305 59% 780,221 
      #Total Articles 94,872 2,372 60% 1,117,110 
      #Analysts 80,629 2,016 51% 577,337 

 
Panel B: Descriptive Statistics 
 
Variable Mean Std. Dev. 25th Median 75th 
#Full Articles 2.039 4.397 0 0 2 
#Flash Articles 4.763 8.357 0 2 6 
%Full Articles 25.710 26.066 0 20 40 
#Analysts 3.625 5.577 0.000 1.000 5.250 
Market Cap. 2248 7219 59 262 1082 
Book-to-Market 0.572 0.570 0.259 0.427 0.672 
Return 1.184 5.717 -1.834 0.867 3.649 
Return Volatility 0.166 0.111 0.091 0.135 0.205 
Institutional Ownership 0.429 0.314 0.123 0.416 0.714 
S&P 500 0.091 0.288 0 0 0 
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Table 2 
Baseline Regressions 

 
This table shows estimates from OLS regressions of the number of media articles on analyst coverage and control 
variables. The sample consists of 157,568 calendar-quarters of publicly-traded firms during 2000 through 2009. The 
final column includes the 94,872 observations for which we can calculate %Full Articles because there is at least one 
full or flash article. Variables are defined in Table 1 and Appendix B. t-statistics are based on standard errors that are 
clustered by both firm and calendar-quarter using the procedure developed by Thompson (2011). All regressions 
include both firm and year-quarter fixed effects. ***, **, and * indicate significance at the 1, 5, and 10 percent two-
tailed level, respectively. 
 
Dependent Variable = Log(1+#Full Articles) Log(1+#Flash Articles) %Full Articles 
Log(1+#Analysts) 0.093*** 0.075*** 0.138*** 0.124*** -0.012 -0.449 
  (6.27) (5.12) (10.04) (8.73) (-0.04) (-1.55) 
Log(Market Cap.) 

 
0.087*** 

 
0.069*** 

 
2.150***   

(9.77) 
 

(10.06) 
 

(5.88) 
Book-to-Market 

 
0.038 

 
0.016 

 
-2.168**   

(1.37) 
 

(1.04) 
 

(-2.31) 
Return 

 
0.002* 

 
0.001 

 
0.056   

(1.90) 
 

(0.16) 
 

(1.19) 
Return Volatility 

 
-0.109** 

 
0.092*** 

 
-2.092   

(-2.10) 
 

(2.81) 
 

(-0.78) 
Institutional Ownership 

 
0.010 

 
-0.004 

 
0.049 

    (0.60)   (-0.31)   (0.11) 
Firm Fixed Effects? Yes Yes Yes Yes Yes Yes 
Yr.-Qtr. Fixed Effects? Yes Yes Yes Yes Yes Yes 
R2 0.200 0.207 0.222 0.229 0.334 0.339 
N 157,568 157,568 157,568 157,568 94,872 94,872 
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Table 3 
Difference-in-Differences Tests 

 
This table shows difference-in-differences (DiD) estimates of the effect of brokerage mergers and closures on the 
number of media articles. We identify treatment and control observations following the methodology, including the 
matching procedure, of Billett, Garfinkel, and Yu (2017, Section 3.3). We use events between 2001 and 2008 because 
RavenPack’s media data begins in 2000. We then match each treatment firm to firms in the same tercile of Market 
Cap., Book-to-Market, Return, and #Analysts, in that order. We require treatment and control firms to have available 
data during the four quarters before and after our three quarter “analyst disappearance window.” The disappearance 
window accounts for the difficulty in precisely recognizing the event date, since mergers and closures often span 
several months. Also, while analysts do not publish their information publicly after terminating coverage (by 
definition), journalists could maintain private communication with the analysts affected by the event for a time after 
they formally terminate coverage. We only keep matching firms with analyst coverage within three of the treatment 
firm. We keep up to five matches with the closest change in number of media articles over the four quarters prior to 
treatment. There are 1,018 treatment firms, resulting in a sample of 31,556 calendar-quarters of treatment and control 
observations during the four quarters before and after treatment. Panel A reports the mean pre-event characteristics of 
treatment and control firms, as well as mean differences. Panel B shows univariate DiD results. Variables are defined 
in Table 1 and Appendix B 
 
Panel A: Pre-merger/closure Differences in Means 

Variable Treated Control Difference t-statistic 
#Full Articles 7.196 5.909 1.287*** 3.83 
#Flash Articles 16.266 15.213 1.054 0.89 
%Full Articles 29.447 27.815 1.632*** 2.75 
#Analysts 13.215 12.978 0.237 1.01 
Market Cap. 13871 13090 782 0.32 
Book-to-Market 0.324 0.329 -0.005 -1.11 
Return 1.815 1.877 -0.063 -0.16 
Return Volatility 0.141 0.122 0.019 1.58 
Institutional Ownership 0.649 0.638 0.011* 1.87 
S&P 500 0.386 0.352 0.034 0.59 

 
Panel B: Univariate Difference-in-Differences Results 

  Mean Treated Difference 
(After-Before) 

Mean Control Difference 
(After-Before) 

Mean DiDs 
(Treated-Control) 

#Full Articles -1.317 -0.753 -0.564*  
(-1.49) (-0.96) (-1.91) 

Log(1+#Full Articles) -0.191 -0.126 -0.065* 
 (-1.27) (-0.91) (-1.75) 
#Flash Articles 4.440*** 3.988*** 0.452  

(2.83) (3.61) (0.74) 
Log(1+#Flash Articles) 0.188*** 0.216*** -0.028 
 (3.03) (4.04) (-1.30) 
%Full Articles -8.524** -7.220** -1.304  

(-2.46) (-2.28) (-1.58) 



Table 4 
Difference-in-Differences Tests: Regression Results 

 
This table shows regression-based difference-in-differences results, which control for the matching variables as well 
as Return Volatility and Institutional Ownership. The sample includes both treatment firms and matched control firms. 
The sample selection procedure is described in Table 3. Variables are defined in Table 1 and Appendix B. t-statistics 
are based on standard errors that are clustered by both firm and calendar-quarter using the procedure developed by 
Thompson (2011). All regressions include match, firm, and calendar-quarter fixed effects. ***, **, and * indicate 
significance at the 1, 5, and 10 percent two-tailed level, respectively. 
 
Dependent Variable = Log(1+#Full Articles) Log(1+#Flash Articles) %Full Articles 
Treat x Post -0.051* -0.047* -0.010 0.003 -1.351* -1.412** 
  (-1.81) (-1.73) (-0.49) (0.16) (-1.90) (-2.03) 
Log(Market Cap.) 

 
0.074** 

 
0.153*** 

 
-0.581   

(2.50) 
 

(7.70) 
 

(-0.71) 
Book-to-Market 

 
-0.094 

 
0.004 

 
-2.082   

(-1.36) 
 

(0.08) 
 

(-0.96) 
Return 

 
0.010** 

 
-0.004** 

 
0.288***   

(2.49) 
 

(-2.28) 
 

(2.79) 
Return Volatility 

 
-0.393 

 
0.147* 

 
-5.233   

(-1.42) 
 

(1.71) 
 

(-0.66) 
Institutional Ownership 

 
-0.001 

 
0.008 

 
-0.590 

    (-0.06)   (0.40)   (-1.01) 
Match Fixed Effects? Yes Yes Yes Yes Yes Yes 
Firm Fixed Effects? Yes Yes Yes Yes Yes Yes 
Yr.-Qtr. Fixed Effects? Yes Yes Yes Yes Yes Yes 
R2 0.343 0.349 0.239 0.251 0.377 0.379 
N 31,556 31,556 31,556 31,556 31,556 31,556 

  



 

40 

Table 5 
Difference-in-Differences Tests: Pre-Event Analyst Coverage Partitions 

 
This table shows regression-based difference-in-differences results after partitioning on average analyst coverage in 
the period before the brokerage merger or closure. Specifically, Low (High) #Analysts firms have #Analysts less than 
or equal to 5 (greater than 5). The sample includes both treatment firms and matched control firms. The sample 
selection procedure is described in Table 3. Variables are defined in Table 1 and Appendix B. t-statistics are based on 
standard errors that are clustered by both firm and calendar-quarter using the procedure developed by Thompson 
(2011). All regressions include match, firm, and calendar-quarter fixed effects. ***, **, and * indicate significance at 
the 1, 5, and 10 percent two-tailed level, respectively. 
 
Dependent Variable = Log(1+#Full Articles) Log(1+#Flash Articles) %Full Articles 
#Analysts = Low High Low High Low High 
Treat x Post -0.117* -0.024 -0.016 0.002 -3.332** -0.851 
  (-1.85) (-0.76) (-0.30) (0.10) (-2.62) (-1.01) 
Log(Market Cap.) 0.148*** 0.012 0.131*** 0.197*** 2.311** -3.420***  

(4.65) (0.28) (5.88) (6.54) (2.56) (-3.13) 
Book-to-Market -0.022 -0.099 -0.008 0.074 -0.535 -2.805  

(-0.24) (-1.02) (-0.12) (0.84) (-0.19) (-0.91) 
Return 0.004 0.018*** -0.003 -0.007*** 0.109 0.559***  

(1.22) (3.13) (-1.32) (-2.83) (1.23) (3.83) 
Return Volatility -0.018 -0.815** -0.079 0.297** 4.252 -16.183**  

(-0.08) (-2.23) (-0.63) (2.37) (0.55) (-2.04) 
Institutional Ownership 0.005 0.003 -0.042 0.020 0.89 -0.892 
   (0.10) (0.11)  (-1.62) (0.91)  (0.65) (-1.46) 
Match Fixed Effects? Yes Yes Yes Yes Yes Yes 
Firm Fixed Effects? Yes Yes Yes Yes Yes Yes 
Yr.-Qtr. Fixed Effects? Yes Yes Yes Yes Yes Yes 
R2 0.312 0.364 0.198 0.291 0.367 0.391 
N 8,872 22,684 8,872 22,684 8,872 22,684 
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Table 6 
Outlet and Firm Prominence Partitions 

 
This table shows difference-in-differences regression estimates after partitioning on the prominence of the media 
outlet and the firm. Specifically, Non-Wire is one if #Full Articles includes full articles published in the more 
prominent Dow Jones outlets (i.e., Barron’s, The Wall Street Journal, and MarketWatch) and zero if #Full Articles 
includes articles published in Dow Jones Newswires. S&P 500 is one if the firm is in the S&P 500 index and zero 
otherwise. Variables are defined in Table 1 and Appendix B. t-statistics are based on standard errors that are clustered 
by both firm and calendar-quarter using the procedure developed by Thompson (2011). For brevity, we do not report 
coefficients of the control variables, as well as match, firm, and calendar-quarter fixed effects. ***, **, and * indicate 
significance at the 1, 5, and 10 percent two-tailed level, respectively. 
 

Dependent Variable = Log(1+#Full Articles) 

Partition Non-Wire=0 Non-Wire=1 S&P 500=0 S&P 500=1 
Non-Wire=0 

and 
S&P 500=0 

Non-Wire=1 
and 

S&P 500=1 
Treat x Post -0.046* -0.006 -0.073** 0.003 -0.072** -0.005 
  (-1.67) (-0.56) (-2.16) (0.06) (-2.08) (-0.17) 
Controls? Yes Yes Yes Yes Yes Yes 
Match Fixed Effects? Yes Yes Yes Yes Yes Yes 
Firm Fixed Effects? Yes Yes Yes Yes Yes Yes 
Yr.-Qtr. Fixed Effects? Yes Yes Yes Yes Yes Yes 
R2 0.350 0.014 0.357 0.354 0.358 0.040 

N 31,545 31,296 20,486 11,070 20,449 10,781 
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Table 7 
Firm Disclosure Partitions 

 
This table shows difference-in-differences regression estimates after partitioning on measures of the amount and 
complexity of firms’ disclosures. Specifically, Guider is one if the firm issued earnings guidance in the pre-treatment 
period, and zero otherwise. Low (High) #8-Ks firms file a below (above) median number of 8-Ks in the quarter before 
treatment. Low (High) Fog firms have below (above) median 10-K readability, as measured by the Gunning-Fog index. 
Other variables are defined in Table 1 and Appendix B. t-statistics are based on standard errors that are clustered by 
both firm and calendar-quarter using the procedure developed by Thompson (2011). For brevity, we do not report 
coefficients of the control variables, as well as match, firm, and calendar-quarter fixed effects. ***, **, and * indicate 
significance at the 1, 5, and 10 percent two-tailed level, respectively. 
 
Panel A: Full Brokerage Mergers and Closures Sample 
 

Dependent Variable = Log(1+#Full Articles) 

Partition Guider=0 Guider=1 Low #8-Ks High #8-Ks Low Fog High Fog 
Treat x Post -0.044 -0.041 -0.073** -0.030 0.007 -0.122** 
  (-1.06) (-1.21) (-2.41) (-0.70) (0.17) (-2.61) 
Controls? Yes Yes Yes Yes Yes Yes 
Match Fixed Effects? Yes Yes Yes Yes Yes Yes 
Firm Fixed Effects? Yes Yes Yes Yes Yes Yes 
Yr.-Qtr. Fixed Effects? Yes Yes Yes Yes Yes Yes 
R2 0.322 0.361 0.375 0.328 0.350 0.352 

N 14,436 17,120 17,190 14,366 12,500 12,510 

 
Panel B: Non-Wire=0 and S&P 500=0 Subsamples 
 

Dependent Variable = Log(1+#Full Articles) 

Partition Guider=0 Guider=1 Low #8-Ks High #8-Ks Low Fog High Fog 
Treat x Post -0.128*** -0.044 -0.097** -0.043 -0.021 -0.107* 
  (-2.90) (-0.89) (-2.19) (-0.91) (-0.36) (-1.92) 
Controls? Yes Yes Yes Yes Yes Yes 
Match Fixed Effects? Yes Yes Yes Yes Yes Yes 
Firm Fixed Effects? Yes Yes Yes Yes Yes Yes 
Yr.-Qtr. Fixed Effects? Yes Yes Yes Yes Yes Yes 
R2 0.328 0.374 0.343 0.367 0.348 0.382 

N 10,125 10,324 10,329 10,120 7,887 7,897 
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